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Table 1 Descriptive statistics of trading volume data before the restriction of stock index futures
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Table 5 Regression results of Spike, as the proxy variable for HFT per annual
0/% 2010 2011 2012 2013 2014 2015
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0/% 2010 2011 2012 2013 2014 2015
90 0- 24 *kk O. 21 K*xk 0- 16 *kk 0. 20 Kkk 0- 15 *kk 0. 46 Fkk
5 (146.64) (178.17) ( 180. 06) (168.96) (154.00) (117.01)
o |7177e =05 S 1550 <05 <1266 ~05 7| - 1. 186 ~05 " |~6.79¢ 06 ***|~1.0le ~05 "
( —4.46) (-5.19) ( -8.58) (-8.77) (-6.59) (-2.93)
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High{requency trading and price discovery in Chinese stock index futures
market
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Abstract: This paper builds up a regression model to examine the effect of HFT on price discovery efficiency
in the CSI300 stock index futures market. Because the event-driven feature of high-requency trading ( HFT)
would lead to concentrated order submission transaction and cancellation so the proxy variables of HFT are
constructed by using the extreme distribution of trading volume and the imbalanced change of order book
depth. High frequency data analysis is conducted from April 16 2010 ( the day of the listing of CSI300 stock
index futures) to September 2 2015 ( the day before the restriction of stock index futures) . Empirical results
show that HFT has a significantly positive correlation with the permanent price impact of stock index futures
thus improves price discovery. But at the same time the influence on instantaneous pricing deviation is also
significantly positive which enhances the instantaneous pricing deviation of the current period. Further study
on the effect of HFT on the lag instantaneous pricing deviation shows that it is significantly negative indicating
that the correction of instantaneous pricing deviation by HFT in China stock index futures market has a time
lag. Therefore this paper suggests that the China stock index futures market should resume normal trading as
soon as possible and allow information—-driven and arbitrage-driven HFT while strictly restricting orderHlow—
driven HFT.

Key words: stock index futures; highHrequency trading; prices discovery; trading volume; order book imbalance



