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Egimating vdatility o Chinese sock market by sochagtic vaatility modd

WANG Chun-feng, JIANG Xiang-lin, LI Gang
Center of Fnance Engneering, Management School , Tianjin Universty , Tianjin 300072 , China

Abstract :The wolatility of Chinese sock market is invedigated usng the dynamic verson of dochagic volatility
node , and Bayesan andyds based on MCMC is introduced to inprove the parameters edimetion in dochagic
volatility nodel. BEnpirica results on Chinese stock market indicate that gochagic wolatility modd outperforms the
ARCH nodd in cagpturing the heteroskedadicity and serid correation of volatility of the sock market returns.
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