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Table 2 Rate of ort accuracy on different decison trees (%)
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Ressarch method of custom forfeit crisis based on decision tree

SHENG Zhao-han®, LIU Bing-xiang?
1. Shool of Management and Engineering , Nanjing Univerdty , Nanjing 210093, China;
2. Shool of Ecoromic and Management , Sutheas Universty , Nanjing 210018, China

Abstract : This paper tells the basc concept of cusom forfeit crigs and analyses the procreant reason resulting from
the cugom forfeit. It pointsout the exigent problems of the traditiond anadyds nmodes in eval uating cugom forfeit
risks. The pgper putsforward a research method of cusomforfeit crigs based on decigon tree. An Algorithm ID3 i's
described at length , the concept of right entropy is put forward , and the Algorithm ID3 isinproved. An andyss ex
periment of cugom forfeit risks on decigon tree is illugrated deliberately , experimenta results are discussed , and
the Algorithm ID3 is conmpared with other algorithm of decigon tree, to prove vaidity of the Algorithm ID3. The re
sult provides a new research approach for analyss and prevertion of custom forfeit risks.
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