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3 EFREHBEEERNTERSTH Ss |[0.86,0.86] | [22,32] | [53,77] | [190,202]

T E—T7 44 A X R A 2 A S R E
TR T, AT B T R R B SR e IX ] LAY 4T

%1 ETZRMXEENERDF.

ST, H(13) HREBHEKAMEK RS
(RERE) , % 1. 2 B9 SEHE PCA, 13 2151 IE A A F
fiE I B, 12k B.

$W2 KB = (by),, ELENEARFS
SyfENWIAERE BT 1 BT

. . b,,%4b.=0
W=<mnwbg={’ f (14)

0,%b, <0

by by <0
F=<wnwb;={' , (15)

0,%b, >0

BR,B' (B) 5T B dEf (JEE) TE, M
HH(E) TERBEEHRRK 0.

$B®3  HE TR (6) MR(17) HE
1531 X 14 £ 5L

Y = XB™ + XB* (16)

Y = XB* + XB~ (17)
b, X X 3B R A SRR (1) BT BRME
A RRAE Y Y 4350 X8 2 54 1 T FRAE F
T BR{E.

4 BBISH

LASCHR[ L] AP B, T A, R 1
X [ AR R

2 N AL | BRI BRI S R TTR.
%2 HEERRRBEGE

Table 2 Eigenvalues and their cumulative contribution proportions
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Fig. 1 Interval values of the first two principals of all the individuals
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Table 3 Interval values of the first two principals
ERSr

PC, PC,

=

S | [-2.99,-1.98] | [-1.79, -0.12]

S, [-1.46, - 1.16] [0.46, 0.77]
S, [-0.37, -0.13] [0.31,0.61]
S, [-0.48, -0.15] [0.22, 0.60]
Ss [-0.69, -0.30] [0.40, 0.83]
S¢ [0.18, 0.38] [0.07,0.33]
S, [2.32, 2.61] [-0.87, -0.59]
Sg [1.93, 2.30] [-0.76, - 0.50]
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Study on asymmetric information screening in supply chain with long-term
cooperation prospect

HUO Jia-zhen, ZHANG Jian-jun, ZHAO Jin
School of Economics and Management, Tongji University, Shanghai 200092, China

Abstract: This thesis firstly studies one-off supply chain cooperation involving screening asymmetric informa-
tion of common hypothesis, and constructs a Second-Best coordination model to prove that it is impossible to
realize the absolute optimal coordination in such an occasion. Then, extending the one-off relationship to a
long-term cooperation, the thesis reveals that repeated Stackelberg Games between the upper and the lower
have an influence on supply chain coordination with asymmetric-information in a long-term background. If the
agent’s (retailer’s) private information of one season is associated with that of other seasons, and cannot be
testified in the next season, ratchet effect will be resulted in information screening. However, if the private in-
formation is likely to be identified, whether the supply chain, with an incentive of the principal’s ( manufac-
turer’s) trigger strategy, can be optimally coordinated depends on the probability of the private information
being identified, retailer’ s information rent, his income in symmetric information background and reservation
utility when there is no cooperation. This thesis provides corresponding quantitative descriptions for all these
conclusions respectively.

Key words: supply chain coordination ; information asymmetry; information screening; long-term cooperation;

repeated games; ratchet effects; trigger strategy
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Interval PCA based on empirical correlation matrix

GUO Jun-peng, LI Wen-hua
School of Management, Tianjin University, Tianjin 300072, China

Abstracts: A methodology of principal component analysis (PCA) for interval data is proposed. Empirical
descriptive statistics for interval data is first studied including mean and the variance of univarible and the
covariance and correlation coefficient of bivarible. Based on the empirical correlation matrix, an arithmetic of
PCA for interval data is put forward which gives interval principal values. An example is illustrated. It indi-
cates that the given method is simple and can overcome the shortcoming of the existing methods of PCA for
interval data.

Key words: principal component analysis; interval; correlation matrix



