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M ethodobbgy and application of regression analysis of interval-type
symbolic data

LIW en-hua, GUO Junpeng
School of M anagement T ianjin University T ianjin 300072 China

Abstract The theory of symbolic data analysis( SDA) is introduced first One type of the most mportant sym-
bolic data is interval data Themethods of regressbn analysis of ntervaltype symbolic data are proposed via
error transferring heory. Linear regression analysis and non- linear regression w hich can be lnearized are stud-
ied separately Furthemore the distance betwween nterval numbers is defned based on H ausdoff distance

And based upon this evaliation indices of the regression analysism odels are proposed F nally applicatbn
of the correlatbn beween CSI 300 and style ndices of Chinese intemational tmust& invesm ent cam pany
(CT'IC) ® carried out In this application study, the nterval-type symbolic data are obtained by data package
of daily indices data The regressbn analysismodels of the nterval-type symbolic data are setup revealng the
overall corre lation bew een the CSI1300 and style ndices of CIT'IC. It is conclhided thag camparng with the
traditional regressbn analysis of pontdata the regression analysis of intervaltype symbolic data can not only
reduce the dmensbn of the sanple space but also grasp the nner relatbns of the variables

Key words symbolic data regression analysis mntewal numbers eror transferrng ndex



