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Fig. 1 Loading plot for factor analysis
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Evaluating of academ ic journals in management of key academ ic journal

fund An application of sin plified principal can ponent analysis based on in-
terval data

JHANG Yin', WANG Yan’, WANG H wiw en'

1 School of E conan ics and M anagement Beihang U niversity Beijing 100191, Ching
2 National N aural Science Foundatbn of Ching Beijing 100085 China

Abstract NatobnalNatural Science Foundation of China (NSFC) encountered many problen s such as an n-
creasing num ber of applicants and a great many ndices when selecting excellent acaden ic joumals as gran-
tees of “K ey Academ ic Journal Fund” and evalhatng finding effects This paper puts forward a method for
Princpal Canponent Analysis on interval data referred to as Sinplified Princpal Canponent Analysis ( SP-
CA), specific for lage-scaled and high-dinensbnal data The proposed method nvoles wo steps first look
for factor axes of he origmnal large-scaled data and then illustrate the analytical results on a low-d inensional
spacew ith strengthened visbility and hgh ntepretation Perfom ing SPCA on academ ic pumal dataset helps
to understand the differences n all disciplnes and to choose key criteria for selecing excellent pumals and
measuring fund ng effect dynam ically
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