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Table 4 Samples time series evaluation values
/ Xy Xy X3 Xy X5 Xg X7 Xg Xy
1 0. 668 0.633 0.508 0.515 0.572 0.733 0.701 0.527 0.551
2 0. 860 0.590 0.468 0.483 0.512 0.502 0. 667 0. 506 0. 546
3 0.616 0. 602 0.422 0.463 0.555 0. 467 0. 681 0.533 0.771
4 0.507 0.564 0. 446 0.490 0. 486 0. 420 0.551 0.522 0.787
5 0. 661 0.514 0. 446 0. 606 0. 507 0.386 0.595 0.470 0. 695
6 0. 641 0.491 0.426 0.615 0.529 0.387 0.591 0. 466 0. 699
7 0. 809 0.612 0. 483 0.730 0. 567 0. 486 0.554 0. 486 0. 483
8 0. 856 0. 543 0. 444 0.526 0. 647 0.419 0.558 0. 649 0.528
9 0.612 0. 628 0. 409 0. 595 0. 667 0.390 0. 655 0.772 0.510
10 0. 600 0. 560 0. 403 0. 489 0.552 0.376 0. 630 0.767 0.457
11 0. 501 0.595 0. 445 0.497 0.514 0. 380 0.610 0.768 0.478
12 0.526 0. 544 0. 435 0.597 0. 633 0. 669 0. 544 0. 544 0.509
13 0.521 0.562 0.575 0. 541 0. 647 0.677 0.579 0.556 0.498
14 0.511 0.534 0. 453 0.462 0. 647 0. 661 0.576 0. 541 0.474
15 0.531 0.574 0. 444 0.748 0. 605 0. 477 0. 645 0.587 2| 0.486
16 0. 560 0.570 0.415 0. 749 0. 638 0.476 0.554 0.539 0.452
17 0.495 0. 564 0.434 0. 665 0.525 0.524 0. 648 0. 596 0.493
18 0.738 0.64 0.538 0. 680 0.622 0.573 0. 644 0. 637 0.587
19 0. 815 0. 548 0.516 0.498 0.537 0. 453 0.577 0. 444 0. 456
20 0. 690 0. 640 0.586 0. 545 0. 665 0. 454 0. 690 0.429 0. 657
5
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Research of multidimensional time series credit evaluation based on gray-fuzz
analysis model
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Abstract: Traditional credit evaluation technique only evaluates and analyzes the objective data at the isolated
time points but the objective may generate data variation due to some reasons. Therefore this may lead to in—
fidelity of the evaluation results and serious credit risk. Aimed at this problem the multidimensional time se—
ries data is used to credit evaluation in this paper. First the multidimensional time series data is dealt with
separately by grey relational analysis in order to solve the serious effects caused by dimension disaster. At the
same time the credit evaluation value is obtained. Then the time series matrix is used to fuzzy clustering anal-
ysis . The real credit evaluation grade is got. The results of our experiment showed this method can observe the
credit grade fluctuation of the credit evaluated in view of the time series. Thus the infidelity of the evaluation
results caused by data variation problem is solved and the proposed method has accurate evaluation effect and
better performance in practical application.

Key words: credit evaluation; multidimensional time series; grey relational analysis; fuzzy cluster analysis



