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N =25 N =49 N =100
’ KP-Moran OLL Moran KP-Moran OLL-Moran KP-Moran OLL-Moran
-0.9 0.088 0 0.4334 0.963 2 0.995 6 0.988 4 0.999 8
-0.7 0.246 2 0.5412 0.9296 0.947 8 0.9970 0.998 4
-0.5 0.213 8 0.3356 0.669 0 0.704 6 0.9296 0.946 8
-0.3 0.108 4 0.1544 0.2862 0.317 2 0.5296 0.567 8
-0.1 0.041 4 0.0660 0.0720 0.086 0 0.096 6 0.1182
0.1 0.020 8 0.067 6 0.047 2 0.081 4 0.0826 0.1224
0.3 0.050 0 0.164 8 0.207 0 0.316 0 0.492 4 0.5818
0.5 0.149 2 0.3642 0.5842 0.702 6 0.9234 0.956 4
0.7 0.333 8 0.620 6 0.8976 0.946 0 0.9990 0.999 4
0.9 0.5212 0.8390 0.9916 0.998 8 1.000 0 1.000 0
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Table 3 Power of OLL-Moran test and KP-Moran test (A =0.5)
N =25 N =49 N =100
’ KP-Moran OLI-Moran KP-Moran OLL-Moran KP-Moran OLI-Moran
-0.9 0.666 8 0.9318 0.994 6 0.998 2 1.000 0 1.000 0
-0.7 0.676 4 0.7394 0.9532 0.959 6 0.999 4 0.999 6
-0.5 0.416 4 0.4190 0.7216 0.717 0 0.9574 0.9578
-0.3 0.191 2 0.1770 0.3320 0.324 0 0.5876 0.5812
-0.1 0.067 6 0.065 8 0.084 8 0.084 8 0.1218 0.1210
0.1 0.023 2 0.066 2 0.0380 0.082 4 0.069 8 0.1224
0.3 0.035 6 0.1634 0.160 4 0.308 2 0.4314 0.567 4
0.5 0.108 2 0.3492 0.4838 0.664 6 0.8870 0.944 4
0.7 0.248 8 0.5922 0.8030 0.919 6 0.9956 0.999 4
0.9 0.303 0 0.7862 0.901 2 0.986 0 0.997 4 1.000 0
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Asymptotic distribution of Moran test in spatial econometric autoregressive
models

OU Bian-ling"’, LONG Zhi-he', LIN Kuang ping’

1. School of Economy and Trade, South China University of Technology, Guangzhou 510640, China;

2. Academy of Mathematics and Systems Science, Chinese Academy of Sciences, Beijing 100190, China;
3. Department of Economics, Portland State University, Portland, Oregon, 97207, USA )

Abstract: In this paper, based on the 2SLS residuals in the spatial econometric autoregressive model, we
prove that Moran test is asymptotically normal distribution when the error is independent and identically dis-
ributed, and then establish OLI-Moran test. Monte Carlo experiment results show that size distortion of OLL-
Moran test in this research is less than that of KP-Moran, and the power of OLL-Moran test is more than that of
KP-Moran. OLL-Moran test has good finite sample performance, and could check effectively spatial correlation
among 2SLS residuals in the spatial econometric autoregressive model.

Key words: spatial econometric autoregressive model; OLL-Moran test; 2SLS estimation; Monte Carlo
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