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Fig. 4 Schematic of project organization structure and components interrelated relationship
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Changeable scale control strategy of organizations based on dynamic object

connection model

CHEN Xing—guang' ZHOU Jing' ZHU Zhen—ao'®> LI Min'

1. School of Management and Engineering Nanjing University Nanjing 210093 China;
2. School of Economics and Management Nanjing Institute of Technology Nanjing 211167 China

Abstract: It is putative that the real organization is made up of many individuals with different productivity ef-
ficiency. The organizational structure has obvious dynamic properties because of member’s entering or leaving.

It’ s a significant problem to explore how to consider the individual heterogeneous conditions and take effective
control measures to ensure the organization overall output efficiency. In this paper a dynamic object connec—
tion ( DOC) model which characterized the hierarchical nested heterogeneous diversity and dynamic proper—
ties is proposed from complex systems point of view. The system elements interaction between the structure
characteristics can be expressed subtly. We investigated the changeable scale control problems for a construc—
tion project organization by applying this proposed method. The simulation analytical results showed that the
ordinal agent should improve control intensity for all components of the systems when the size of non-stability
individuals increasing. By contrast the ordinal agent should only improve control intensity on the specific
groups which have stable output efficiency when the number of these type individuals increasing. These find—
ings provide meaningful insights for exploring and understanding complexity of organization management. All
these developments maybe serve as a novel method for complex systems modeling and analysis as well.

Key words: complexity; complex systems; interaction; dynamic object connevtion; organization manage—

ment; changeable scale control



