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Table 1 Description statistics for variables during the sample period
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Fig. 1 Changes of variables over the sample period
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Table 2 Ranking of variables with the scores ( K) based on the varimin criterion

K K K K

1 (132} | 4152 | {123} | 3866 |{123}| 10526 | {123} | 99.52
2 (312} | 41.47 | {132} ] 3833 | {213} | 103.07 | {312} | 8.73
3 (321} | 40.18 | {213} | 38.08 |{132} | 9743 |{321} | 82.87
4 {123} 38.57 {312} 37.95 {321} 93.93 {132} 82. 80
5 {231} 38.55 {321} 37.22 {231} 93.90 {21 3} 79. 11
6 {213} 38.05 {231} 37.20 {312} 88.73 {231} 68. 92
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4 TVP-VAR

Table 4 Results of the mixture innovation TVP-VAR with multivariate stochastic volatility and restricted versions

Shanghai composite index Shenzhen composite index

E(p 1Y) [E(p,1Y) |E(ps1Y) E(pi 1Y) |E(p,1Y) |E(ps1 V)
LI 0.84 0.88 0.47 -5.45 -0.20 LI 0.86 0.90 0.42 36.36 3.28
LIAC 0.83 0.89 0 -0.66 -0.15 LIAC 0.84 0.90 0 14.85 2.52
FB 0.29 0.82 0.08 2.55 1.35 FB 0.19 0.80 0.06 12.50 3.29
FBAC 0.27 0.83 0 5.13 2.15 FBAC 0.20 0.80 0 -5.20 2.22
VAR 0 0 0 2.25 2.03 VAR 0 0 0 6.06 2.58

ZSYH WK

E(p 1Y) [E(p,1Y) |E(pslY) E(p 1Y) |E(p,1Y) |E(ps! Y)

LI 0.93 0.96 0.36 14.64 7.55 LI 0.95 0.97 0.25 2.47 1.63
LIAC 0.83 0.94 0 27.19 15.23 LIAC 0.82 0.90 0 -6.67 -2.75
FB 0.10 0.81 0.03 6.32 3.41 FB 0.22 0.84 0.20 5.29 1.9
FBAC 0.10 0.81 0 4.68 3.52 FBAC 0.17 0.80 0 7.81 4.13
VAR 0 0 0 2.83 2.66 VAR 0 0 0 2.21 1.37
2010 2 22 .2010 VAR

4 16 2000 5 21 3
2010 2 22
2010 4 16
300 2010 5 21
300 . 5
5 FBAC N LI N
FBAC N LI FIAC FBAC TVP-VAR-GCK
Primiceri » .2
TVP-SV-VAR ;
5 TVP-VAR-GCK
Table 5 The posterior means of the TVP-VAR-GCK coefficients of the FBAC model and LIAC model
(a) FBAC (b) LI
(a) FBAC model for SHSE ('b) LI model for SZSE
2 22 4 16 5 21 2 22 4 16 5 21
dr, /v, -0.127 -0.114 | -0.166 | -0.116 dr,/v,_, -0.049 -0.044 | -0.056 | —0.046
dr,/r,_ 0.010 0. 001 -0.003 0.013 dr,/r,_ -0.029 -0.036 | -0.030 | -0.024
dr,/v,_, -0.098 -0.120 | -0.083 | -0.023 dr,/v,, -0.024 -0.025 | -0.037 | -0.010
dr,/r, 0. 198 0. 190 0. 190 0.223 dr, /1, -0.056 -0.067 | -0.057 | -0.051
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(c) LIAC
(¢) LIAC model for ZSYH
2 2 |4 16 |5 21
dr, /v, , -0.016 | -0.007 | -0.014 | -0.027
dr, /r,_, 0.236 0.215 0.242 0.245
dr, /v, , -0.005 | -0.039 | -0.012 | 0.031
dr, /r, » -0.266 | —0.270 | -0.275 | -0.237
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Fig. 2 Time-varying patterns of the price-volume relationship
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Table 6 The posterior means of Choleski decomposition results of error correlation matrix
(a) (b)
(a) SHSE (b) SZSE
2 22 4 16 5 21 2 22 4 16 21
r/r 1.138 0. 898 1. 662 1.970 r/r 1. 662 0. 832 1.368 2.478
s/r - 1. 461 0.001 0. 068 -0.246 v/r 3.580 0.020 0.011 -0.576
v/r 1.113 0.059 0. 026 0.282 s/r -0.616 0.003 -0.016 0.097
s/s 1.018 1. 061 2.008 0. 881 v/v 2.987 1.365 2.130 5. 065
v/s -2.872 -2.256 | -3.502 | -4.300 s/v -0.463 -0.027 | -0.156 | -1.025
v/v 2.228 1.897 3.029 3.731 s/s 0.227 0.165 0.167 0.198
(c) (d)
(¢) ZSYH (d) WK
2 22 4 16 5 21 2 22 4 16 21
r/r 0.197 0.197 0.073 0. 066 r/r 6.369 1.292 6.541 4.510
v/r 0. 629 0. 661 0.244 0.222 v/r -1.633 -0.332 | -1.679 | -1.158
s/r -0.009 -0.010 | -0.003 | -0.003 s/r -0.102 -0.020 | -0.105 | -0.072
v/v 0.723 0.343 0. 606 0. 487 v/v 2.230 2.807 3.755 3.855
s/v -0.012 -0.006 | -0.010 | -0.008 s/v 0.035 0.045 0. 060 0.061
s/s 0.128 0.076 0.214 0.203 s/s 1.706 0.034 0.082 0.138
3.3 N VAR
( vector moving average VMA)
VAR VMA
Yo = 2 oiutfi ( 17)
1=0
( 3) Hz u, 0i 1
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- 0
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(a) Impulse response of stock returns to short-selling policy shocks
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Time-varying price-volume relationship based on TVP-VAR-GCK model

CHEN Lang—nar,n1 LUO Jia-wen' LIU Hao®

1. Lingnan College Sun Yat-sen University Guangzhou 510275 China;
2. China Merchant Bank Shenzhen 518040 China

Abstract: This article investigates the time-varying price~volume relationship and the impact of short-sell
shocks on the pricevolume relationship by utilizing the TVP-VAR-GCK Model of Koop et al. (2009) . The
most probable variables order in the VAR model and the impulsive function are selected by employing the VAR
_BE model and varimin criteria. The results reveal that the price~volume relationship is significantly time-var—
ying and different samples ( both indices and individual stocks) have distinct patterns. The results also suggest
that the market structural change has a time-varying impact on the price~volume relationship. The results are
consistent with the behavior finance theory on the price~volume relationship which reflects the learning process
of investors in response to the structure changes in the stock exchanges in China.

Key words: time-varying price~volume relationship; TVP-VAR-GCK model; short-sell shocks; varimin crite—

ria; VAR_BE model
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Decisions on pricing and timing in online group buying

TANG Yao MA Shi-hua
School of Management Huazhong University of Scienceand Technology Wuhan 430074 China

Abstract: Relative to the wide application of online group buying in practice there has been scant academic
research. This paper is devoted to fill this gap by investigating the decisions on pricing and timing in online
group buying market. Based on the degree of consumers’ heterogeneity and time-sensitivity we first subdivide
the market and then examine the optimal strategies individually. Our results show that: 1) In the maximizing
the seller’ s revenue pricing and timing decisions always exhibit some functional relationship. However this
relationship varies according to different market characteristics. 2) The principal of timing decision is to guar—
antee the purchase of every consumer in each segmented market. 3) Contrast to the unique optimal strategy in
time-sensitive market there have been two optimal strategies in the heterogeneous market 1i.e. low pricing
and high pricing. Which strategy should be adopted depends on the specific characteristics of the heterogene—
ous market. Finally we conclude and present the selection process of the optimal strategy in the online group
buying market.

Key words: group buying; heterogeneous customers; time sensitive; product pricing; promotion time



