22 3 Vol.22 No.3
2019 3 JOURNAL OF MANAGEMENT SCIENCES IN CHINA Mar. 2019
@®
MOOCs
1 2%
(1. 200433;
2. 200083)
MOOCs
MOOCs
. MOOCs
1752 .
N MOOCs
: MOOCs ; ; ; ;
: C931.6 DA : 1007 —9807(2019) 03 - 0021 - 19
0 MOOCs
Coursera~edX  Udacity
. MOOCs : Coursera 2012
3 500
2 700 150 ; EDX
2 200 130 ; Udacity  Google-
. MOOCs( massive open on— Facebook .\ IBMAT&T. 200
line courses MOOCs) 300
OpenupEd ' MOOCs » .
1 000 .
MOOCs N MOOCs+ N N
N N MOOCs MOOCs
g 900 1 300
MOOCs N N 12 140 ;
@ 1 2018 —03 -04; 12019 -02 -12.
- (71571114) ; (16YJC880086) ;

(1983—)

. Email: shangshanshan@ shisu. edu. ¢n



2019

MOOCs 1 400
; 700

143 ” “« ”»

2020 “ N

MOOCs
MOOCs
. MOOCs

MOOCs

MOOCs
30% 4

MOOCs

MOOCs

MOOCs

MOOCs

172
80

« »

146

MOOCs

MOOCs

or. MOOCs
MOOCs

MOOCs

MOOCs

MOOCs
MOOCs
MOOCs MOOCs

MOOCs

MOOCs

+MOOCs

MOOCs

MOOCs
MOOCs

MOOCs

1.1

Nonaka

. Nonaka



3 © MOOCs — — 23 —
MOOCs
Nonaka ’ ’ Gasevic MOOCs
N MOOCs
M MOOCs
N N MOOCs
Durksen " ( self-deter mina—
tion theory SDT) MOOCs
N .Barba "¢
Connolly ~° MOOCs N N
. Milligan °
MOOCs N
Lai "
MOOCs
MOOCs . Watson v
Fukawa " ( social presence SP) .
( teaching presence TP)
( cognitive presence CP)
MOOCs . Swinnerton ~ '*
. MOOCs
.Oreta " N
.Silva " MOOCs N
. Huang "
MOOCs
. Pursel % MOOCs
MOOCs .
1.2 MOOCs . Hone *

MOOCs



g — 2019 3
2
; 2.1
; . Venkatesh
2
MOOCs
MOOCs
. Ven—
katesh ~ * 86%  EHearning(
) ( 1
) TAM( technology acceptance model TAM)
TAM2. TAM  TAM2
MOOCs TAM
TAM
1) _TAM .
? MOOCs . TAM2 TAM
? ? N N
2) MOOCs N N
? N
1 TAM TAM2
Fig. 1 TAM & TAM2 theory model
2.2
MOOCs
MOOCs N

MOOCs

( TAM)



3 © MOOCs —_— — 25 —
Nonaka ’ Leonard °®
. TAM
( ) .
N . TAM2
23 23
7
MOOCs H»
TAM  TAM2
N 2
2
Fig. 2 Theory model
2.2.1 MOOCs
7
2
. MOOCs
. Sonny *
MOOCs
N N MOOCs

H1 MOOCs



— 26 — 2019 3
MOOCs H3 MOOCs
. MOOCs Nonaka !
MOOCs
30
MOOCs .
26 31
MOOCs
32 37
H2 MOOCs
2.2.2 MOOCs
Nonaka 7
35
. . ® Huang
19 MOOCs
MOOCs
MOOCs
H4 MOOCs
¥ Coleman * Nonaka 7 Leonard §
s N . Huang " MOOCs

MOOCs

36



3 © MOOCs —_— — 27 —
MOOCs
24
MOOCs
"
Hé6
2.2.4 N
MOOCs
39 X
40
MOOCs
. Goksel » MOOCs
2% .
H5 MOOCs H7a MOOCs
2.2.3 H7b MOOCs
H7c¢ MOOCs
24
3
o MOOCs MOOCs
MOOCs
3.1

10



2019

3

5

Lik-

N . ert 5
1
Table 1 Measure items
. (WD1) ;
(WD2) ; Feng 7 ;
: (WD3) ; Hoffman
(WD) (WD4);
N (CTR1);
. (CTR2) ;
2 ( CTR3) ; Hone 2
( CTR4) ;
( CTR)
( CTRS) ;
( CTK1) ;
(CTR2) ;
3 (CTE) Tsai #
( CTK) ( CTK4) ;
(TTK1) ;
(TTK2) ;
4 (TTK3) ; Rimi %
( TTK4) ;
( TTK)
( TTK5) ;
(STK1) ;
S (STK2) ; Yong 4
( STK3) ;
( STK) ( STK4) ;
(SE1) ;
6 (SE2); Tsai ¥
(SE) (SE3);
(PUL);
7 (P12); Davis 2
(PU) (PU3);
(PEUL) ;
8 (PELR2) ; Davis 23
( PEV) ( PEUB) ;
MOOCs (INE1) ;
9 MOOCs (INE2) ; Hulleman *
(INE) MOOCs( INE3) ;
MOOCs( UE1) ;
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( UE) MOOCs (UE3) ;




3 © MOOCs — — 29 —
3.2 2 CR 0.6 Cronbachs Alpha
3.2.1 0.7
2016
18 ~35
67% MOOCs AVE( average variance extracted AVE)
MOOCs 0.5
P
. (AVE)
MOOCs MOOCs 3
MOOCs AVE
MOOCs
MOOCs 3.3
Y.
2017 1 2017
5 5 3.3.1
50 AMOS23. 0
: 3
2 000
1752 0.876.
X /df=2.6(<3) GFI=0.91(=0.9) MR =
43.7% 56.3%; 18 ~25 0.033( <0.05) RMSEA =0.05( <0.1) NFI =
78% 26 ~30 21.2% .31 ~40 0.93( =0.9) CFI=0.90 (=0.9) [FI=0.9(=
0.8%; 62. 7% - 0.9)
37.3%. 3
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Table 2 Reliability and convergent validity analysis

Ttem-Total
Cronbach Alpha CR AVE
Correlation
WD1 0. 842 0.85
wD2 0. 855 0.90
0.927 0. 871 0.702
( WD) WD3 0. 828 0. 88
wD4 0. 801 0.82
CTR1 0. 837 0.92
CTR2 0. 833 0. 89
CTR3 0. 896 0. 829 0.87 0. 893 0.735
( CTR) CTR4 0.871 0.92
CTR5 0. 899 0.93
CTK1 0. 891 0.93
CTK2 0.813 0.78
0.901 0. 908 0.815
CTK3 0. 838 0.90
(CTK)
CTK4 0. 834 0.89
TTK1 0.755 0.78
TTK2 0. 821 0.90
TTK3 0.912 0.814 0.87 0. 898 0.792
(TTK) TTK4 0. 845 0. 84
TTK5 0. 861 0.92
STK1 0.878 0.94
STK2 0. 821 0.79
0. 906 0.921 0. 823
STK3 0. 869 0.92
ST
(STK) STK4 0. 826 0.87
SE1 0. 788 0.78
SE2 0.928 0. 845 0.90 0.926 0. 875
(SE)
SE3 0. 864 0.91
PU1 0.816 0.78
PU2 0.936 0. 829 0.83 0.937 0. 891
(PU) PU3 0. 835 0. 87
PEUL 0.823 0. 80
PEU2 0.931 0. 858 0.90 0.928 0. 865
( PEU) PEU3 0. 821 0.85
INE1 0. 865 0.92
INE2 0.915 0. 889 0.93 0.931 0. 836
( INE)
INE3 0. 891 0.93
UE1 0.836 0.92
UE2 0.933 0.875 0.91 0.936 0.819
( UE)
UE3 0.892 0.93
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3
Table 3 Discriminant validity
WD CTR CTK TTK STK SE PU PEU INE UE
WD 0. 838
CTR 0.213 0. 857
CTK 0.201 0.301 0.902
TTK 0.225 0.236 0. 298 0. 890
STK 0.223 0.217 0.302 0.327 0. 907
SE 0. 189 0.298 0.173 0. 296 0.303 0.935
PU 0. 159 0.212 0.321 0.391 0.219 0.207 0.944
PEU 0.121 0.132 0.132 0.336 0275 0.226 0. 406 0.930
INE 0.132 0.178 0.193 0.221 0.321 0.339 0.362 0. 368 0.914
UE 0.257 0. 161 0.251 0.278 0.119 0.302 0.257 0.332 0.353 0. 905
0.1 **0. 05
3
Fig. 3 Significant test
3.3.2 H2 . H3.H4 (3) ~ (6)
1) Model3: PU = B, + B,CTR + B,CTK +
B, TTK (3)
. Model4: CTR = B, + B,CC + B,CD +
H1 () (2 B,CRE (4)
Modell: PEU = B, + 8, WD (1) Model5: CTK = B, + B,IN + B,BE +
Model2: WD = B, + B,LO + B,VE + B,GO (5)
BNV + B,EA (2) Model6: TTK = B, + 8,SK + B,PRO +
PEU WD LO. B,PSO + B,RU (6)
VENV.EA . NN PU CTR.CTK.TTK
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. N OBE.COM N N .
CC.CD.CRE N . Ho6 (9) (10)
IN.BE. GO N Model9: PEU = B, + B, WD + B,SE (9)
SK.PRO.PSO.RU N N Modell0: PEU = B, + B,WD + B,SE +
. . B;WD x SE (10)
H5.H7a.H7b (7) (8) PEU WD SE
Model7: INE = B, + B,PU + B,PEU +
B;STK (7) H7c (11)
Model8: STK = B, + 3,5 + B,0BE + Modelll: UB = B, + B,INE (11)
B;COM (8) UB INE
INE PU.PEU 2)
. STK SI. 4
4
Table 4 Results of regression tests
Model 1 2 3 4 5 6 7 8 9 10 11
Bo 2.287 2.049 | 0.419 | 4.693 | 5.057 | 4.162 | 3.276 | 4.529 | 3.176 | 3.796 | 5.371
(0.005**) |(0.013" )| (0.609) |(0.000")|(0.000 ) |(0.000")|(0.000" ) |(0.000" )[(0.000" )|(0.000" ) |(0.000")
B 0.113 0.296 | 0.222 | 0.537 | 0.289 | 0.513 | 0.301 | 0.307 | 0.123 | 0.112 | 0.444
(0.000**) |(0.0217 )|(0.000" ) |(0.009" ) [(0.001" ) [(0.000 ) |(0.000" )|(0.000" )|(0.000" ) [(0.001" ) |(0.000")
B 0.131 | 0.101 0.098 | 0.101 | 0.232 | 0.317 | 0.216 | 0.101 | 0.009
(0.182) |(0.0117 )| (0.312) | (0.205) [(0.001")|(0.000" ) |(0.0017 )| (0.213) | (0.276)
Bs 0.487 | 0.296 | 0.181 0.311 | 0.327 | 0.253 | 0.112 0. 097
(0.016" ) |(0.000" ) |(0.0137 ) [(0.012 ) |(0.000" ) |(0.001" )| (0.117) (0.0137)
By 0. 302 0. 138
(0.0127) (0.137)
R 0.411 0.532 | 0.58 | 0.313 | 0.251 | 0.377 | 0.412 | 0.329 | 0.261 | 0.332 | 0.553
F 72.103 29.306 | 4.79 | 12.576 | 16.691 | 19.331 | 18.217 | 16.628 | 12.231 | 13.779 | 19.231
Sig. 0.000** [ 0.000** | 0.000" | 0.000 | 0.000" | 0.000" | 0.000" | 0.000" | 0.000" | 0.000" | 0.000"
1) 1 1 N
2 4 1 MOOCs
(B, =0.113 p<0.01). N N
2) N 3. 4
3. 4. 5 6. 4 . .
3 MOOCs
(B, =0.101 p<0.01) MOOCs . . .
(B;=0.296 p<0.01). 3) 5. Ta - 7b- 7c
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7. 8 11 4
7 1) MOOCs
(B, =0.301 p<
0.01)
(B, =0.317 p<0.01);
(Bs =0.253
p<0.01). 8
(B, =0.307
p<0.01)
(B, =0.216 p<0.01)
(By =0.112 p>0.05). 67%
o . MOOCs
4y 6 9
10 10
(B, =0.097 p<0.01); 9 jo  Caballeror %
7% (AR® =0. 07 6
»<0.01) 6.
4 4 MOOCs
27
2) MOOCs
4
Fig. 4 The moderating effect of self-efficacy
5)  7e 1 _
4 MOOCs
(B, =0. 444
p<0.01). MOOCs
MOOCs
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3.3
MOOCs
MOOCs
MOOCs
MOOCs 1 ~7 1
7
5
Table 5 Variance analysis
; Mean Difforence ( 1) Sig 95% Confidence Interval
Lower Bound Upper Bound

-0.633" 0.000 -0.40 2.07

0. 866 0.370 0.23 2.82

-1.460" 0.007 -0.40 0.95

-1.108" 0.012 -0.73 0.68
0.633" 0.003 -2.07 -0.40
1.499" 0.014 -2.02 -0.14

-0.827° 0.009 -1.91 -0.01
-0.475" 0.011 -2.23 -0.29

-0.3866 0.415 -0.82 0.50

-1.499" 0.014 0.14 2.02

-2.326" 0.023 -0.68 0.92

-1.974" 0.019 -1.00 0. 64

1.460" 0.012 -0.95 0.40

0.827" 0.029 0.01 1.91

2.326" 0.001 -0.92 0.68

0.352 0.574 -1.13 0.54

1.108" 0.011 -0.68 0.73

0.475" 0.003 0.29 2.23

1.974% 0.007 -0.64 1.00

-0.352 0.374 -0.54 1.13




— 36 — 2019 3
7 2) MOOCs
:3)
6. 1) MOOCs
1 4)
N N MOOCs
( MOOCs
).
6
Table 6 Importance ranking and classifications of no different significance
1 2 3
1
2
3
4
5
51-53 MOOCs
MOOCs MOOCs
MOOCs
4
MOOCs
MOOCs
( ) MOOCs
MOOCs
MOOCs MOOCs
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Factors affecting the use of MOOCs based on tacit knowledge and explicit
knowledge learning

WU Jidan' SHANG Shan-shan®

1. School of Information Management and Engineering Shanghai University of Finance and Economics
Shanghai 200433  China,;

2. School of Business and Management Shanghai International Studies University Shanghai 200083 China

Abstract: With the rapid development of information technology MOOCs provides users the opportunity of
free learning through the network anytime and anywhere. Knowledge learning is classified into explicit knowl-
edge learning and tacit knowledge learning. These two kinds of knowledge play a very important role in
MOOCs learning. Based on knowledge learning theories and technology adoption theories this paper studies
the factors affecting the use of MOOCs platform. Through questionnaire survey and data analysis it is found
that cognitive tacit knowledge factors technical tacit knowledge and social tacit knowledge as well as explicit
knowledge factors such as website design elements and course teaching elements have positive effect on use of
MOOCs platform. Through regression analysis it is found that technical tacit knowledge and social tacit
knowledge are more important than the two explicit knowledge factors of course teaching and website design.

The results of this paper provide suggestions for the development of the national education and related indus—
tries under the internet environment.

Key words: MOOCs learning; cognitive tacit knowledge; technical tacit knowledge; social tacit knowledge;

explicit knowledge



