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Table 4 Descriptive statistics of policy variables
R, = a + BPolicy, + AControl, + &, (3)
D1 102 0.21 0 0 4 0. 60 Rt A
D2 102 0. 14 0 0 2 0.42
D3 102 | 032 | o 0 3| 0.8 Policy,: ¢
s 02 o8 : o 0 s D1Good D2Good  D5Good.
Control,. t -1 N
D5 102 0.25 0 0 3 0.55
D1 Good 102 -0.01 0 -0.69 | 1.61 0.26 ’
D2Good 102 0.08 0 0 1. 10 0.24 2 2
D5 Good 102 0.11 0 -0.69 | 1.39 0.30
Vol, = o + BPolicy, + AControl, + &, (4)
5 Vol,: A
Table 5 Descriptive statistics of social interaction variables
Policy,: t D1
IA1 102 200. 06 | 209.07 5.71 310.29 71.7 D2 D3 D4 Ds.
111 102 81.96 85.58 6.16 142.99 26. 56 Controlti t-1 o
IC1 102 |14 010. 58|13 576.94| 5 479.7 | 30 095. 57 |6 428.37 ) ’
IL1 102 102. 53 90. 95 35.83 198. 57 41.43
M2 | 102 8.65 6.8 |-104.31| 109.89 39.6 4.2.2
in 102 1.61 0. 44 -51.09 47.73 18.31 1
1c2 102 | —176.63| —45.58 | —13183.6| 12 108.28 | 3 976.4 6
12 102 -1.5 -0.62 | -104.73| 56.59 27.92 ( D5 G()Od)
5
200 ;
81.95 142 1.



1
6
Table 6 Regression of policies” favorable degree on stock return
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Table 7 Regression of policies’ frequency on stock volatility
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Table 8 The effect of policies on stock return: From the perspective

of social interaction
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Table 9 The effect of policies on stock volatility: From the perspective

of social interaction
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Table 10 Robust testdV: The effect of social interaction on stock return
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Table 11 Robust testdV: The effect of social interaction on stock volatility
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Table 13 Robust testd.ag: The effect of social interaction on stock volatility 5
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The impact of stock market policies on stock market: From the perspective

of investor social interaction
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Abstract: This papertests the policy effect in the stock market and the impact of social interaction on policy
effect. The stock market policy is divided into five categories. Based on Sina Finance and Economics Blog
variables about social interaction investor sentiment and social network centrality are built by making use of
the technology of text mining and social network. Empirical studies show that public opinion-eriented policies
have a significant positive impact on stock market returns that securities supply-demand policies and monetary
policies significantly increase stock market volatility and that market innovation and market trading policies
significantly reduce market volatility. Furthermore as investors” interpretation of the professional policy is sig—
nificantly dependent on social interaction which can magnify the impact of securities supply-demand policy
and monetary policy on the stock market and alleviate the impact of market innovation and market trading poli—
cy on the stock market. However the effect of public opinion policy on the stock market is not influenced by
social interaction.

Key words: policy; social network; social interaction; stock market; text mining



