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Table 1 Volatility anomalies of funds
( )
1 2 3 4 5 1-5
' 0.156 7 0.165 4 0.198 9 0.234 4 0.278 2 -0.1215
0. 053 *** 0. 047 % 0. 0427 0.036 7 0.031 7 0. 021 ***
K (4. 630) (3.780) (5.103) (4.003) (7.970) (6.547)
oppe 0.002** -0.002** -0.036™* -0.0727** —-0.113*** 0.116**
(%) (2.470) ( —2.042) ( —1.998) ( —2.478) ( —3.345) (2.793)
a, -0.001 2 —-0.006 4 -0.010 5 -0.0210 -0.041 6 0.040 4
(%) ( -0.736) (0.627) (0.048) (-0.164) ( -1.206) (0.948)
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Table 3 Monthly accumulative excess returns ( %) o B
4
-0.0302|-10.614 9| —0.382 1| 20.0850 | 0.047 0
0.1181 |-16.3719 0.0999 | 18.767 3 | 0.049 5 4.1
-0.216 3| -12.555 6| —0.492 0| 21.666 1 | 0.053 0 q- o
0.4554 | =7.3596| 0.3632 | 8.6676 | 0.0479
-0.0302|-10.614 9| —0.382 1| 20.0850 | 0.048 6 q- ( 4)
-0.0416|-14.644 9| —0.018 5| 16.640 6 | 0.049 4 N
q - (9). 4
-0.0302|-10.614 9| —0.382 1| 20.0850 | 0.056 7
0.4554 | -7.3596| 0.3632 | 8.6676 | 0.048 1 7
-0.0302|-10.614 9| —0.382 1| 20.0850 | 0.049 3 4 6
0.4554 | -7.3596| 0.3632 | 8.6676 | 0.0510 3 ( 300 N 300 300
-0.0302|-10.614 9| —0.382 1| 20.0850 | 0.057 8 ) a 3 «a
0.5967 |-21.8332 0.3037 | 15.8576 | 0.0512
3 7 o
( o
)
4 q-
Table 4 Regression results of g-factor model for contrast benchmark
a,( %) MKT SMB CMA RMW
300 -0.023*** 1.295*** -0. 1427 0. 157 *** 0. 162 ***
(—2.943) (237.284) (-12.87) (8.13) (13.20)
300 -0. 029 *** 1.274%** -0.077 *** 0.1617 -0.006
( -5.164) (329.60) (-9.87) (11.77) ( -0.65)
300 -0.034 % 1.267 *** -0.340** 0. 295 *** 0.035**
(-3.120) (170.72) (—22.74) (11.25) (2.07)
0.010 1.279 % 0. 583" 0. 097 *** -0. 047
(0.905) (161.26) (36.43) (3.45) (-2.61)
200 0. 008 1.2827%** 0. 624 *** 0. 154*** -0.216 ™
(0.867) (201.24) (48.59) (6.84) (-15.07)
0. 005 1.328 %% 0. 474 %% 0.214*** -0.237*
(0.452) (170. 80) (30.24) (7.77) (-13.51)
! o e 10% 5% 1%
~0.013 6% ' 2,034 5%
; a
0.035 1% t— 2.088 5%
5. 5A
o' - 10% o' o
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Table 5 The « of g<factor model for funds ( %)
q — o
| | ¢ - :
q-
~0.000 5| —0.007 0| —0.013 6** | —0.006 6 )
-0.056) |( -0.969 -2.034 -0.941
(—0.008; (—0.0082 5).035 1**) (—0.008()) 6 FFC - +CMA
( -0.895) |( —1.038) | (2.088) |( —0.919) RMA o 6
~0.0058| —0.007 6| —0.0123" | -0.007 3 FFC - CMA  RMA
( -0.655) |( —1.024) | ( —1.840) |( —0.955) FFC -
6 A FFC
0.0113 | 0.0100 | -0.0011 | 0.0078 12 11 @
(1.073) | (1.424) | ( -0.089) | (0.929) ; CMA 9
-0.0129| -0.0122| 0.0364* | -0.0119 o B ’
(-1.090) |( -1.281) | (1.737) |( -1.152)
-0.0042| 0.0016 | 0.0005 | -0.0010 RMW 8 « C
(-0.513) | (0.267) | (0.039) |( —0.163) ; FFC -
, L ek e 10% 9 Py
5% 1% D 5 ¢-
q-
q" - a
6 FFC+ a ( )
Table 6 Comparisons of a for FFC + pricing models ( the excess return to contrast benchmark)
A FFC « B : FFC + CMA «
—0.028** | —0.038™** | —0.088*** | —0.046*** || —0.023*** | —0.043*** | —0.092*** | —0.051***

( -2.607) | ( =5.510) | ( =7.761) | ( =6.000) ||( =2.209 6) |( —=5.596 9) |( =7.6717) | ( —5.899 5)
-0.011 | -0.036™** | -0.043" -0.021" -0.010 | -0.035™* | -0.004** -0.025
(-0.894) | ( =3.665) | ( —1.899) | ( —=1.931) ||( =0.4957) |( =3.192 1) |( -=2.050 3) | ( —1.4759)
-0.015" | —0.038™* | —0.087*** | —0.034*** || -0.015 | —0.043** | —0.082*** | —0.034***

( -1.800) | ( -6.122) | ( =7.810) | ( =5.690) ||( —1.2745) |( -6.108 8) |( =7.730 6) | ( —5.424 1)

C : FFC + RMW o D : FFC+CMA + RMW «

—0.0327%% | —0.031™% | —0.092** | —0.055** || —0.032*** | —0.031™* | —0.091*** | —0.047 ***

( —3.056 6) |( —4.4669) |( —7.141 3) |( -5.502 4) ||( -2.807 7) |( -4.283 1) | ( -6.761 5) |( —5.200 8)
-0.014 | -0.035** | -0.002 -0.012 -0.003" -0.022" -0.003 -0.014
( -0.607 6) |( -2.3903) |( -1.368 6) | ( —1.282) ||( -0.1925) |( -1.8522) | ( -1.3862) |( —0.803 7)
—-0.013 | —0.036™* | —=0.091*** | —0.032*** || -0.014 | -0.036™** | -0.092*** | -0.033***

( -1.607 8) |( —4.609 8) |( —7.165 6) |( —4.704 2) ||( =1.120 3) |( -4.240 1) | ( -6.794 1) |( -4.255 8)

t

Wk k%

*kk 9

10% 5%

1%



— 118 — 2021 5

q - B
1) B
2x3
q-
(4) 4" - (9)
7 A (4)
B (9)
4.2
7 q-= B
Table 7 The S of gfactor model for funds
A B
0. 7127%% 0. 759 ™% | 0. 843 ™* | 0.769 ™ | 0. 586 *** | 0. 512" | —0. 419 *** | ~0. 506 ***
(64.011) | (72.404) | (66.813) | (72.228) |( -36.793) |( -43.211) |( —22.669) |( -37.544)
KT 0.773 ™% 1 0.735™* | 1.010™* | 0.763 ™ | =0.485*** | —0. 531 | —0. 322*** | —0. 499 ***
(70.279) | (59.005) | (48.294) | (68.111) |( —32.379) |( -38.849) |( —14.232) |( -36.081)
0.755™% 1 0. 7517 | 0. 846™* | 0.766 ™ | -=0.514*** | 0. 519 ™ | —0. 417 *** | —0. 503 ***
(69.501) | (68.429) | (66.471) | (71.208) |( —37.744) |( -45.199) |( -22.772) |( -41.161)
0.225%*% 0. 218 | 0.106™* | 0. 191 | 0.346™* | 0.261*** | 0.381*** | 0.311***
(9.098) |(10.159) | (6.873) | (9.593) | (12.014) | (9.238) | (11.637) | (11.224)
0. 3137 0,259 ™% | 0.694™* | 0.293** | -0.321***| —0.407 *** | 0.293*** | -0.356***
SwE (10.496) | (9.033) |(13.350) | (9.950) |( —11.896) |( —12.836) | (4.871) |( -12.939)
0.286 ™% 0.233™* | 0. 117 | 0.238™* | 0. 112***| 0.008 | 0.375*** 0. 004
(10.115) | (9.664) | (7.329) | (9.887) |[( -5.072) | (0.273) | (11.605) | (0.158)
-0.040 | -0.019 | 0.024 -0.013 | —0.083** | —0.097 *** | —0. 106 *** | —0. 097 ***
(-1.362) [( —0.743) | (1.283) |( —0.525) | ( —2.359) |( —3.789) |( -2.839) |( -3.467)
o -0.062" | -0.048 | 0.133 -0.056 | -0.128**|-0.156***| -0.056 |-0.136***
( -1.670) |( —1.490) | (1.915) |( —1.580) | ( —4.013) |( -5.782) |( —0.730) |( —4.862)
-0.057 | -0.031 | 0.026 =0.033 | 0. 1117 [ —0. 119*** [ —0. 102 %" | 0. 115™**
(-1.619) |( —1.085) | (1.395) |( —1.134) | ( —4.451) |( =5.596) |( -2.782) |( —5.492)
0. 068 *** 0. 066 *** | 0.063*** | 0.066* | -0.095***| 0.073*** 0.011 0.018
(4.063) | (4.314) | (5.497) | (4.667) |( -3.280) | (3.748) | (0.374) | (0.802)
R 0. 057 *** {0.050*** | —-0.068 |0.055** | 0.1497** | 0.2927** | 0.2227** | 0.207 ***
(2.645) | (2.470) |( -1.311) | (2.624) | (6.507) | (14.280) | (4.049) | (9.993)
0. 060 0. 060 *** | 0.060*** | 0.061*** | 0.073*** | 0.158*** 0.018 0. 105 ***
(3.050) | (3.525) | (5.064) | (3.550) | (3.922) | (9.222) | (0.651) | (6.279)

‘ : R 10% 5% 1%

MKT ( TA ) MKT ( B ).
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q -
8
Table 8 Tests of the timing ability of funds
A
R-r(%) TTF DTF STF R-r( %) TTF DTF STF
0.016 0.381*** -0.365" 0.048 0.296 *** -0.247
0.096 0. 006
(0.073) | (3.323) |( -1.854) (0.234) | (3.056) |( -1.372)
0.024 0.2547** -0.230 -0.005 0.326™** | —0.331"
-0.096 0.011
(0.102) | (2.322) |( -1.183) (-0.022) | (2.967) |( —1.720)
0.019 0.321*** -0.302 0.007 0.375*** | -0.368*"
0.009 0.012
(0.091) | (3.127) |( -1.641) (0.033) | (2.854) [ -1.978)
B
R-r(%) | TTF | DTF | STF |R-r(%)| TTF | DIF | STF |R-r(%)| TTF | DTF | STF
0.057 |0.417 | -0.360 -0.002| 0.364 ™ |-0.366" 0.015 |0.384™* |-0.369*
0.170 0. 098 0. 004
(0.232) | (3.349) |( 1. 644) -0.010)| (3.297) [ -1.890) (0.066) | (2.873) |( -1.980)
0.052 |0.254* | -0.203 -0.022| 0.245" -0.267 0. 000 0.115 -0. 140
-0.077 -0.144 0.370
(0.240) | (2.444) |( -1. 129) -0.083)| (L.948) [-1.212) (0.000) | (0.751) |(-0.763)
“R-r ; t [ e s 10% 5% 1%
5.1
q-
N
«a q -
N
q" -
(9)
R, - R, =a; + B, MKT + B, SMB +
B CMA + B, RMW + &, (15)
i (15)
@, Bi B Bs Ba
5 s
{&'x (= Ty = Ty T, Ty
1 1
4
) {e.} &y
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e, 1 R, - 93.15%  98.29%
R, R, - R, .
39 43.16% 72.18% 24.10% 30.19%
28.85% 56.47%
{ (;: } 1 50% .
{3”}S (t:le T:x)
Ty T 1
! R . R R R 5.2
« Ba Ba Bs Ba 4 6
( 2 1)
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1 000
5% 9
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Table 9 Significance analysis of ¢™factor model of residual qN - a . 10
random sampling ( % ) _ o
a 5B
MKT | 96.71 | 97.70 | 84.55 | 97.03
SMB | 53.21 | 56.93 | 53.96 | 57.40
CMA | 26.60 | 27.12 | 26.68 | 27.39
RMW | 28.85 | 37.55 | 29.89 | 32.68
MKT | 93.15 | 97.36 | 70.94 | 95.93 10 ¢ - o« (%)
a5 | 5297 | 7218 | 2516 | 6502 Table 10 The & of ¢"actor model for new contrast benchmark ( %)
CMA | 24.10 | 27.43 | 30.19 | 25.07
RMW | 32.42 | 56.47 | 30.01 | 42.17
MKT | 96.97 | 98.29 | 85.03 | 97.74 0.001 0.006 ~0.001 0.003
SMB | 46.74 | 61.10 | 54.25 | 51.40 (0.138) | (0.592) |( -0.101) | (0.284)
CMA | 25.75 | 28.54 | 27.04 | 28.54 20.03 | —0.017" | 0 036 —0.014
RMW | 31.37 | 52.64 | 29.99 | 43.93 (-1.000) | (~1.724) | (1.737) | ( -1.340)
9 959 -0.008 -0.003 0. 000 ~0.005
. ( =0.909) | ( -0.482) | (0.027) |( -0.742)
. . e e 10%
97.74% 51. 40% e 1%
28.54%  43.93%. 11

70. 94%
85.03% q -
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11 7 - B

Table 11 The B of ¢"factor model for new contrast benchmark

MKT SMB

-0.5667 | —0.503** | —0.383*** | —0.487** | 0.365*** 0. 473 % 0. 405 *** 0. 433 ***

(-32.90) | ( =35.50) | ( -17.63) | ( =31.61) | ( -11.43) | ( -14.09) | ( -10.71) | ( -13.47)

—0.4857 | —0.5087** | —0.322%** | —0.490™** | —0.321*** | —0.567"" | 0.2937** | -0.415***

(-32.38) | (=36.76) | ( —14.23) | ( -35.21) | ( -11.90) | ( -18.80) | ( —4.87) | ( —15.29)

—0.507 %% | —0.504 7 | —0.383*** | —0.488*** | —0.107*** [0.078 9*** |0.397 5*** | 0.041 6"

( =36.46) | ( -41.84) | ( -17.82) | ( -38.52) | ( -4.62) | ( -2.68) | ( -10.69) | ( —1.66)

CMA RMW

—0.116™ | —0.084** | —0.105™** | —=0.097 *** | —0. 107 *** -0.01 0. 002 -0.031

(-3.08) | (-2.28) | (-2.46) | (-2.77) | ( -3.35) | (-0.36) | ( -0.05) | ( —1.05)

-0.1287% | -0.175** -0.056 —0. 1447 | 0. 149 *** 0.363*** 0.222*** 0.232***

(-4.01) | (-6.55) | (-0.73) | (-5.14) | ( -6.51) | ( -18.24) | ( -4.05) | ( —11.37)

—-0.12277% | —0. 119 | =0.102*** | —0. 118 | 0.070*** 0. 133*** 0.01 0.091 ***

(-4.74) | (=5.17) | (-2.43) | ( -5.45) | ( -3.59) | ( -6.92) | ( -0.29) | ( —5.03)

: Lo xk ey 10% 5% 1%
11 MKT
CMA -
4 TTF DTF.
SMB STF 12.
12
RMW - - 8
12A 12B ).
11 7 B 8
( 11)

S

~0.488 (¢ = —38.52).0. 041 6(¢=1.66) .
~0.118(t= -5.45) 0.091(¢=5.03). 8
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Table 12 Timing ability estimation for new contrast benchmark
A
R - (%) TTF DTF STF R-r(%) TTF DTF STF
0.038 0.419*** | -0.381" 0. 066 0.312*** -0.247
0. 066 -0.010
(0.159) (3.199) |( -1.891) (0.320) (3.175) | ( -1.388)
0.019 0.238** -0.219 0. 026 0.365** -0.339"
-0.1222 -0. 005
(0.080) (2.192) |( -1.109) (0.116) (3.134) | ( -1.814)
0.028 0.334™* | -0.305" -0.095 0.276" -0.372*
-0.018 -0.091
(0.134) (3.086) | ( -1.699) (-0.386) | (1.725) |[( -2.052)
B
R-r(%)| TTF | DITF STF  |R-r(%)| TTF | DTF STF \R-r(%)| TTF | DITF | STF
0.105 |0.464™ | —0.359" 0.0549 |0.4537 | -~ 0.398" -0.087 | 0.285" |-0.373"*
0.119 0. 1159 -0.101
(0.430) | (3.494) |( - 1.685) (0.228) | (3.415) |( - 1.924) (-0.352)| (1.754) |( —2.055)
0.052 |0.254** | -0.203 —0.041 | 0.191 | -0.232 0.000 | 0.115 |-0.328**
-0.077 -0.215 0. 369
(0.240) | (2.444) |( - 1.129) (-0.148)| (1.578) |( - 1.008) (0.000) | (0.751) |( -2.170)
! : Wk *%x  kkk 10% 5% ]%
q -
q - FFC -
o, ;
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Does the skill of funds improve their performance? An empirical analysis
from the g-factor model

LING AiHfan YANG Yan—un

School of Finance Jiangxi University of Finance and Economics Nanchang 330013 China

Abstract: Whether the skills of open-ended funds improve their performance has been paid close attention for
a long time. Computing the excess returns of funds relative to the risk4ree rate and to the self=eported bench-
mark rate the paper considers the performance of 437 funds established before Jan. 1™ 2013. The empirical
results based on the recent gfactor model and the daily data between Jan. 1* 2005 and Dec. 31 2017 show
that: (1) the gdactor model has a good explanation power for the excess returns of open-ended funds (2)
the performances of funds can be overestimated when the excess returns are computed by the risk-free rate
(3) the managers of open-ended funds have a weak power of stock selection and a relative good power of short
term rather than long term timing selection which can improve short-term fund performance to a certain ex—
tent and (4) the open-ended funds prefer stocks with good profitability or high investment levels.

Key words: performance of fund; g-factor model; investment skill; contrast benchmark



