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Table 1 Logit regression model of consumers’ acceptance

of RS updates

A e b2
In( SessionCnt) 2.018*"* 0.073
In( OrderCnt) -0.249" 0. 143
In( ClickCnt) -1.020""" 0. 036
In( Amount ) 1.128 *** 0. 369
In( TotalFee) —~0.996 *** 0.358
Constant _1.424 *** 0. 148
AlC 12 690
. “p=<0.10, **p=<0.05, *** p=<0.001.
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fethiZs , B KU T 93. 8% , X ik — b WA K
VE T8  1 2] 18] 1) 22 7.
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Table 2 Balance check before and after PSM matching

Mean(Std. ) T t-test #
AR u/M* Std. Bias ¥ Bias Reduced

Control Treatment t p>ltl
U 2.33(0.37) 2.45(0.38) 0.338 56. 8% -16.764 0.000

In( SessionCnt )
M 2.40(0.37) 2.45(0.38) 0. 146 -6.526 0.000
U 0.31(0.69) 0.38(0.78) 0.093 37.6% -4.576 0.000

In( OrderCnt)
M 0.33(0.73) 0.38(0.78) 0.058 -2.584 0.010
U 3.98(0.82) 3.71(0.67) 0.368 93.8% 18.720 0.000

In( ClickCnt)
M 3.69(0.70) 3.71(0.67) 0.023 -1.039 0.299
U 0.93(2.03) 1.11(2.23) 0.083 37.3% -4.094 0.000

In( Amount)
M 1.00(2.11) 1.11(2.23) 0.052 -2.333 0.020
U 0.96(2.09) 1.14(2.28) 0.081 37.0% -3.967 0.000

In( TotalFee)
M 1.03(2.16) 1.14(2.28) 0.051 -2.301 0.021
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AICEE 2y it e oy 8. e T B 30 B8 23 35 B8 ( SessionCnt ) R 3R
H2 EEREEHAEES ST AEF P RIS RIA FHTT SR ( OrderCnt ) SRR AE ]
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Table 3 Descriptive statistics of the main variables
A Efi:pu Kot /M R ¥ brife 22
SumTime -5 LAESR I S ] (RD) 15 968 0 56 112 1027.5 1 640. 8
SumClick SR R) 15 968 1 443 14.08 17.0
PerClick BRSSP S8 I ) (BB k) 15 968 0 975.25 64.71 68. 83
NewClick RS B R (k) 15 968 0 390 5.23 8.17
SessionCnt RUDRES TR 15 968 1 51 3.52 2.63
OrderCnt VIR 15 968 0 13 0.36 1.00
AMFFEAG PO AR AL S S et AR, 75 AR BF 58 b 2 4R R R 5 WH
RS IR45 % P45 AL BEAICR 1 ) 45 5 1 S 45 ln(NewCchk)”-Mi AR () R 25 5,0, St
REYAE POV BT [F [85 5 000 MBS AT LAt After,, x Treat; F) 5
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. = oy + o After, + o, Treat; + a,After, X
Treat, + X, xy +u, + 0, + &, (2)
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Table 4 Three dimensions of the relationship between consumers

and sharing platforms
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Table 5 DID experiment results

In( PerClick) In( SessionCnt ) In( OrderCnt)
A (1) (ii) (iii) (iv) (v) (vi)
FAL(2) A (4) FAL (2) IR (4) IR (2) IR (4)
0.117** 0.105*" 0.176 *** 0.171*** 0.011°" 0.01"
Afie x Treat
(0.046) (0.043) (0.014) (0.012) (0.006) (0.007)
0.527 " 0.225 """ 0.032 """
In( NewClick)
(0.018) (0.005) (0.003)
R? 0.001 0.117 0.025 0.258 0.001 0.023
N 15 968 15 968 15 968 15 968 15 968 15 968
E: "p<0.10, *p <0.05, ***p < 0.0l.
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Table 6 DDD model results for Information processing efficiency of consumers ( In( PerClick) )

DDD FEHDRARZIZIANE. SLEEER IR 6 ~ K 8.

- V) 23 EL -4y 25 i ) 5 0] i A SEHIT AL
= ik = {(iS = i [ {liS
Afte x Treat 0.079 0.151* 0.11** 0.109* 0.099* 0.099 0.078 0.109 **
i "p<0.10, **p<0.05, ***p< 0.01.

£R7 FBRAIFEISRE (In(SessionCnt) ) B DDD #EBIF 45 R

Table 7 DDD model results for platform-accessing frequency of consumers (In( SessionCnt) )

- V) 23 E AR P32 i i) 17 7] T 1 TR R
[ {(i8 [ % [ % = 1%
Afte x Treat | 0.200°** | 0.134*™* | 0.183"** | 0.156**" | 0.196™** | 0.146™** | 0.162"** | 0.174**"
. *p<0.10, **p=<0.05, "**p=<0.01.
®8 FPMEIRE (In(OrderCnr) ) 3 DDD HERIZE R
Table 8 DDD model results for ordering behavior of consumers (In( OrderCnt) )
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[ {18 [ % [ fi% [ ik
Afie x Treat 0.015* 0.006 * 0.026 -0.005 * 0.02"* 0.001 0.048 * 0.002 *
. *p<0.10, **p=<0.05, ***p=<0.01.
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Table 9 Robustness experiment results of the longest click interval parameter

e o ) B In( PerClick) In( SessionCnt) In( OrderCnt)
10 0.049 0.17 *** 0.01"
20 0.105** 0.168 *** 0.01"
30 0.105** 0.171*** 0.01"°
40 0.126*** 0.168 *** 0.01"
50 0.146 """ 0.168 *** 0.01"
60 0.151*** 0.167 *** 0.01*
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An empirical study on the impact of sharing platform recommendation sys-
tem based on consumer behavior
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Abstract: Recommender systems (RS) are based on analyzing user ( consumer) data to provide them with in-
formation about products of interest, and these recommended products change consumers’ browsing paths to a-
chieve the purpose of recommendation. Due to the scarcity of relevant research data, few research have been
conducted to explore the impact of RS on consumer behavior ( path) of the platform considering the “user
( consumer ) -platform” relationship. To fill this research gap, this paper proposes three theoretical hypotheses
to verify the impact of RS on consumers’ information processing efficiency, platform access frequency and pur-
chase behavior considering the “user ( consumer) -platform” closeness. The hypotheses are formulated by tak-
ing into account the characteristics of the sharing platform and are tested using a unique dataset of a home-
kitchen sharing platform. Interestingly, the results of the study show that consumers who adopt RS services
have significantly lower information processing efficiency compared to consumers who do not adopt RS serv-
ices. In addition, the findings further confirm that consumers with a close relationship with the platform and
who also adopt RS have higher visit frequency and purchase intention.

Key words: sharing platform; personalized recommendation service; click behavior; DID model; PSM



