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Fig. 1 The overall outline of group wisdom knowledge mining method based on co-word network and its applying process
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Fig. 3 Crawled Microblog fields by Python
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Table 2 Results of the networked modularity under distinct

co-occurrence intensities

T g T L -95
1 Si =y x (1 +SIM(w; ,w;)) 0.527
2 fy = M) 0.426
3 fi = (1 + SIM(w, ;) 0.311

AR AL 0. 3 I, FHZ M 4% BAT B
ALK AR AR, =1 A5 A I 4 ) oA
e At R AR SCE #8072 1 8 SCIRI X 2 i
JE | PR A ) AR A e 3 R . RN P
T FR R VRS AN 2 4 TR, R Gephi 4K
12 S B T ) O 24 A AR R AR T A Ak 45 2R
6 FIr7n.

FE3  XIEM AT Louvain 83 4T
FEDKARSI , 75 B0 AR iR S A X Sl i AR IR A A
DA OGS I 5 5 N TARIR T &4k X 3
R R, R IX AR OCAF BN 4 fios. LSS
SRR ZHOCHE T U RE BT 2] 5 215 fE AL
FHIC I F2 AT X



%55 W TREARAE . BT IR 2K R RIS s ——TE N2 RS v 131 —
F3 HiAmERE
Table 3 Co-word matrix
Ei YIS H Hm T A T B (g
e 0.000 15.098 0.848 3.098 23.310 2.973 0.635 2.3102 5.380
VES 15. 098 0. 000 0.991 3.669 8.179 23.095 1.304 0.938 6 4.799
(573 0.848 0.991 0.000 1.780 0.632 0.402 4.686 0.988 2.709
o 3.098 3.669 1.780 0.000 1.046 2.774 0.545 1.297 4.109
R 23.310 8.179 0.632 1.046 0. 000 2.941 1.367 2.047 16. 656
w 2.973 23.095 0.402 2.774 2.941 0.000 1.256 3.191 5.611
AT 0.635 1.304 4.686 0.545 1.367 1.256 0.000 1.691 1.345
E5=4 2.310 0.939 0.988 1.297 2.047 3.1913 1.691 0.000 1.864
B 5.380 4.799 2.709 4.109 16. 656 5.611 1.345 1.864 0.000
Ee6 BEEMIATMMULER
Fig. 6 Results of group intelligence knowledge visualization
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Table 4 Community detection results of the co-word network
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Table 5 Objective attribute weights (at the stage P) and subjective attribute weights (at the time point P)
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Table 6 Final results on attribute weights ( at the time point P)
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Table 7 Main description of alternatives
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Table 8 Evaluations of emergency decision alternatives and their ranking results

kS JE& C G, G C, VE S R Si3z
X, 0.456 9 0.413 0 0.5113 0.674 6 0.494 4
X, 0.495 8 0.524 0 0.503 8 0.592 7 0.518 0
X, 0.5229 0.4229 0.643 9 0.551 1 0.537 4 X, > X, >X, > X, > X,
X, 0.5179 0.432 3 0.413 4 0.542 8 0.478 4
X, 0.786 2 0.510 8 0.570 7 0.699 3 0. 664 2
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Table 9 Relevant information on comparison methods
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Table 10 Comparisons of the experimental results
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Collectire intelligence knowledge mining method based on co-word
network . Application in emergency decision-making

XU Xuan-hua'?, HUANG Li'* , CHEN Xiao-hong''*
1. School of business, Central South University, Changsha 410012, China;
2. School of Frontier Crossover Studies, Hunan University of Technology and Business, Changsha

410083, China

Abstract: A method for collectire intelligence knowledge mining based on co-word networks is proposed
and effectively applied to emergency management of emergencies, to gather the collectire intelligence
distributed in the social network for addressing the major risks of public safety emergencies. Firstly, an
improved approach for constructing a co-word network is proposed to realize the visual analysis of public
group wisdom in social networks and obtain information concerning emergency decision attributes
parameters. Meanwhile, to ensure the data quality and improve the effectiveness of collectire intelligence
knowledge mining, a collectire intelligence knowledge value measurement model is established by
considering the data influence and the covered topic information. After that, an approach for dynamic
decision attribute information production based on collectire intelligence knowledge is proposed by
combining experts’ attribute preferences with public group wisdom. Finally, the proposed method is
applied to the mega public safety event of COVID-19 in China.

Key words: emergency decision-making; co-word network; collectire intelligence; knowledge mining;

COVID-19



