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Multivar iate long memory SV modd and itsapplication to Shanghai and Shenz-
hen sock markets

SU Wei-dong'? , ZHANG Shi-ying®
1. Rogtdoctor Center of Quandong Securities . LTD , Quangzhou 510120, China;
2. Shool of Management , Tianjin Univerdty , Tianjin 300072, China

Abgract : This pgoer condructs a multivariate long menory dochagic volaility (MLMSY) node and provides its
goectrum likelihood egimation method , as well as the testing procedures for fractiona cointegration under MLMSV
frame. We d < teg the modd and method with data of Shanghai and Shenzhen sock markets to show its dfectiver
ness.
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