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Fig.6 The structure of dynamic cuslomer segmentation model
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Research on dynamic customer segmentation in customer relationship management

YE Qiang, LU Tao, YAN Xiang-bin, LI Yi-jun
School of Management, Harbin Institute of Technology, Harbin 150001, China

Abstract: Customer segmentation is one of the basic funclions in customer relationship management. Most of the
customer segmentation methods definitely classified the customer into different classes according to their attributes.
But these definite classification methods can’ t fit the customer segmentation tasks well, for the uncertain and
stochastic characteristics of customer behavior. The shortcoming of current definite customer segmentation methods
was pointed out in this paper. To solve this problem, cloud model theory was introduced into customer segmentation
and a dynamic customer segmentation model was built up in this paper. This dynamic customer segmentation model
consisted of a C-process and a P-process according to the uncertainty and the heterogeneity in data space of cus-
tomers’ behaviors. The proposed new model could meet the requirement in presenting the uncertainty of customers’
behaviors by introduced the cloud model theory in to the P-process. A synthetic data experiment and a real data ex-
periment indicated the effectiveness of this method.

Key words: customer relationship management; dynamic customer segmentation; cloud mode
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