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T Q0551 9.9730 0. 059 4 — 19 380 2 —6.644 0 0. 0279 6 7951 19 600 2
2 0 007 8 9. 990 1 0. 0571 — 19 520 3 —6.774 2 0.0957 6 6972 19 520 1
M —00m13 9.9911 0. 0542 — 192 B9 9 —6.744 2 0. 0109 6 5562 19 350 8
i Q 009 5 10. 0102 0. 0597 — 19 619 8 —6.7139 0. 0146 6 758 1 19 720 4
My —0 0843 10. 020 1 0. 058 6 — 19 720 1 —6.7988 | —0. 1180 6 6612 19 740 5
My —00120 9. 9489 0. 0572 — 19 380 4 —6.7281 | —0. 0579 6 666 3 19 500 8
Ny — 0076 1 9. 989 1 0. 0582 — 19 559 9 —6.837 2 0. 001 4 6 6793 19 481 4
My —0 0582 9.9732 0. 054 1 — 19 540 3 —6.7521 |—0 1620 6 7612 19 390 2
1 6 050 7 401 000 42 520 019 1 0756 0 21680 Q5731 970 521 4
12 14 530 4 842 000 27940 [~ 1592 700 1 — 12421 0. 001 6 1 3081 181 100 2
21 14 530 4 842 000 27940 1592 700 1 — 12421 0. 0016 1 3081 181 100 2
2 41 580 3 655 000 20940 0 193 4 07428 21451 Q9 6820 974 201 8

4 Johansen

Table 4 The numher of cointegration relationshiPs by Johanserr s cointegration analysis
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Test for PBaYesjan non]near copntgraton n nonparanetrc ACE
transformed mode]

7ZHU Huimng LI Sufang ZENG Huifang YU Kem pg
1. College of Business Adninistlatior’l Hunan University Changsha410082 Ching
2 DepParment ofMathanatics Brune] University [.ondon UBg 3PH UK

Ab stract Twomethads of identifying copnterating relatpnshiP heween varjahles are canmonly used linear
contegratpn analysis and nonlinear contegration Procedure PBecause the test pover of a]] hese methads is
poor in sma]] sample s Paper poposes a Bayesian mehad for conducting inference ahout nonjinear con e
grating vector autoregressive mode | based on ACE transforatin The idea of ACE algoritim is adopted for the
non |jnear transfomaton of the Variab1e§ with (Gibbs samP[ing hen€ used t0 car’y outBaYesgn nonjjnear cojn
egraton identificaton Numerjca] resujts are produced via a canbinaton of Monte Carjo smuption  fran
which we find thatBaYesian non |near cojntegration test is notceah]y more powerfu] and rohust han Johanserr

s copfegration analysis Fina]]y through the empirgcal applcaton m Chinese uthan and rura] consumption
Price indice’s te usefulness of this BaYespnmethod is demonstrated As a result 1t shows that B ayesjan non
lnear contegratpn solves poor power proh m 1 sma| sample and inproves the Precision of contegratpn test

Keyw Orde cointegrat’pp non]ineariry nonparametrig: Bayesian ana1YSi§ Mo € Carlo sinujatpn



