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( group decision support system GDSS)
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Fig. 1 Conceptual model of automatic argumentation information relationship identification in group decision
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Table 1 Feature words and rejection words
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Table 2 Selected k£ the corresponding singular value

and argumentation information matrix

k Sy
D
132|  4.138 469 314 202 880e — 229 Dy3am
125 0.6180 Diy35105
95 1.000 0 Dy73.05
66 1.589 0 D373.66
35 2.000 0 Dy33.35
13 3.243 4 Dyz3.13
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Table 3 Selected k£ the corresponding best c&g and CV accuracy
i ¢ &

;= x 100 % (k )| (Bestc) ( Best g) ( CV accuracy)

198 | 5.656 85 0.707 107 51.336 9%
5
( ) 132 11.313 7 0.707 107 67.379 7%
- ! % 100% 125 16 0.5 79.679 1%
95 16 0.5 75.935 8%
(6) 66 11.313 7 0.707 11 81.818 2%
i R 35 [5.65685 | 1.414 21 79.679 1%
— =1 x 100 % (7) 13 11.313 7 5.656 85 63.636 4%
4 198

Table 4 Results of automatic classification when & = 198

52.60% 64.99%

61.27% 77.32%

100. 00 % 88.00% 79.50% 72.10% 72.43%

88.61% 77.08%

95.00% 53.10%

5 132

Table 5 Results of automatic classification when k = 132

63.02% 65.97%

43.02% 65.94%

100. 00 % 95.00% 81.21% 70.39% 67.03%

100. 00 % 76.36%

100. 00 % 48.67%

6 125

Table 6 Results of automatic classification when k = 125

47.60% 66.08 %

47.29% 60. 60 %

100. 00 % 94.29% 78.98% 68.41% 63.78%

100. 00 % 72.51%

100. 00 % 48.57%
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7 95
Table 7 Results of automatic classification when k = 95
59.60% 87.32%
78.83% 62.10%
100. 00 % 83.33% 85.29% 75.95% 75.68%
96.00 % 80.98 %
92.00% 66.00 %
8 66
Table 8 Results of automatic classification when k = 66
78.69% 91.51%
84.50% 83.21%
100. 00 % 100. 00 % 91.43% 88.89 % 88.65%
93.99 % 88.21%
100. 00 % 81.5%
9 35
Table 9 Results of automatic classification when £ = 35
74.96 % 69.95%
41.15% 82.21%
100. 00 % 100. 00 % 83.22% 72.68% 70.27%
100. 00 % 68.05%
100. 00 % 43.21%
10 13
Table 10 Results of automatic classification when £ = 13
91.94% 63.38%
39.51% 92.29%
100 % 94.29% 74.47% 66.54% 65.95%
93.06 % 67.73%
47.84% 15.00%
4 10 k = 66
88.65%
91.43% k> 124 (=<1.242
88.89% 342 208 025 828 e — 16)
k= 66.c = “ 7
11.313 7.g = 0.707 11 k =13
3.341 2 10
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6 The relationship between the value of k and average accuracy
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Automatic identification method of multiple argumentation information rela—
tionship in group decision-making

LI Xin-miao' ZHANG Peng-shu’ LI Jing'

1. School of Information Management and Engineering Shanghai University of Finance and Economics
Shanghai 200433  China;

2. Antai Management School Shanghai Jiaotong University Shanghai 200052 China

Abstract: Decision making is essential to management. A lot of argumentation information is produced in
group decision-making. There are multiple relationships between the argumentation information and decision
solution. In this paper a automatic identification method of multiple argumentation information relationship in
group decision-making is researched and put forward. A automatic identification model of the argumentation
information relationship in group decision-making is built. Furthermore the method is applied to actual group
decision process. The results of the application show that the method realizes the automatic identification of the
strongly supportive supportive neutral strongly against and against relationship between decision solution
and argumentation information effectively. It can help group members to organize the large amount of argumen—
tation information effectively and increase the efficiency of information organizing in group decision-making.
Key words: group decision-making; argumentation information organization; multiple information relationship;

automatic identification



