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Table 1 Descriptive statistics of JE and PIN

JE = max( Jump) — mean( Jump) (13)

std( Jump)

JE 1

JE 2.999 0.398 1.394

3.186

PIN 0.150 0.002 0.780

1.803
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Table 2 Results of spearman rank correlation test 13
N 545 312 C
Spearman 0.109 0.006 0.011 545
Spearman 3
0. 109 N = 545
P 0.05
pP 0. 006 0.01
; pP 0.011
0.05
Spearman
PIN PIN
Lévy
3 Spearman
Table 3 Results of spearman rank correlation test in different industries
N
0.112 0.024 0.049 312
-0.018 0.394 0.789 233
2010 0.011
545 258
V287 . PIN
Spearman 4
P
4 Spearman
Table 4  Results of spearman rank correlation test in different market values
N

0.157 0.006 0.011 258

0.072 0.111 0.221 287
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Table 5 Sample information
002033 20100813 145
600497 20100804 139
600780 20100803 138
600723 20100729 135
600292 20100726 132
600397 20100726 133
002085 20100722 131
600893 20100722 130
600449 20100722 129
000600 20100716 126
600409 20100702 117
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3 Jump
Fig. 3 Variations of the jump degree
6 25 JE
Table 6 JE coefficients for 25-days time window
JE

1-25 26 -50 51-75 76 - 100

3.700 0.097 0.986 2.652

1.422 1.103 2.123 4.203

2.300 0.432 2.519 3.346

1.951 0.214 1.891 3.532

1.738 0.446 2.948 3.398

1.994 0.346 2.199 4.378

1.931 2.310 1.916 3.572

1.961 - 0.024 2.250 2.854

0.561 0.797 1.727 3.714

2.879 0.378 0. 664 3.429

1.940 1.098 0.428 3.236

25 JE

25
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Table 7 JE coefficients for 50-day time window
JE
1-50 51 -100
3.700 2.652
1.422 4.203
50 2.300 3.346
15 7 1.951 3.532
8. 1.738 3.398
1.994 4.378
50 2.310 3.572
50 1.961 2.854
0.797 3.714
15 2.879 3.429
3 16 30 1.940 3.236
8 15 JE
Table 8 JE coefficients for 15-days time window
JE
1-15 16 -30 31 -45 46 -60 61 =75 76 -90 91 - 105
3.764 1.321 0.107 -0.035 1.009 2.362 2.700
1.469 0.812 1.144 0.801 2.117 4.303 0.739
2.333 1.528 0.215 0.431 0.815 3.397 2.479
1.975 1.287 0.217 0.138 1.915 3.577 2.246
1.327 1.751 0.416 0.439 1.132 2.981 3.439
1.782 1.968 0.316 0.456 1.161 2.173 4.356
-0.276 1.950 2.320 0.840 1.936 2.557 3.551
1.870 1.856 -0.085 -0.169 2.139 2.436 2.729
0.578 0.361 0.817 0.956 1.184 2.312 3.770
2.938 0.778 0.018 0.703 0.316 2.7176 3.492
0.553 1.954 1.129 0.534 -0.114 2.235 3.224
545
JE JE
545
2010 1 2010 & 27

11
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2010 6 21 2010 10 25 JE
g 27 . Table 10 Distribution of highest JE coefficient
IE o IE for 25-days time window
JE 1-25 26 -50
’ 50% JE 307 238
6.33% . 11 JE 56.33% 43.67%
JE
5
9 25 JE Lévy Lévy
Table 9 Distribution of highest JE coefficient
for 25-days time window
1-25 26 -50 Lévy
JE 307 238 PIN PIN
JE 56.33% 43.67%
20010 6 2
2010 8 27 15
JE . 10 JE Lévy
25% 46 - 60 Lévy
25% 5.09%. 30
JE 9
PIN Lévy
11 JE N
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Using Lévy jumps to measure informed trading and the empirical study

GONG Pu YANG Boi
School of Management Huazhong University of Science & Technology Wuhan 430074 China

Abstract: There exists informed trading which is motivated by information in the financial markets. It has
complex behavior and is difficult to discriminate. The paper uses Lévy jumps of the stock price series as a tool
to measure the abnormity of prices so as to detect this special case in the market. Based on the method of esti—
mating the degree of activity of jumps and probability of informed trading ( PIN) model the paper examines
the relativity between stock price jumps’ degree and PIN in stock trading and finds that there exists a signifi—
cant correlation between the two and then further supports the hypothesis that jump activity can be used to
measure the informed trading. Except that the paper presents the computational method of the coefficient of
jumps’ degree abnormity which can be contrasted. It can be regarded as another tool for the supervising of in—
formed trading.

Key words: Lévy jumps; informed trading; PIN; asset reorganization
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Designing the trade credit contract with competitive retailers

MA Zhong-hua' CHEN Xiangfeng’

1. School of Economics & Management Shanghai Maritime University Shanghai 201306 China;
2. School of Management Fudan University Shanghai 200433 China

Abstract: We study a typical supply chain in which the supplier would like to offer trade credit to the budget—
constrained retailers. There exist two types of retailers ( Type H and Type L) in the market. We define three
different competition market the high competition middle competition and low competition market according
to retailers’ preserve profits. Then we set up an adverse selection model to inspect the designing of trade
credits to the retailers in each competition market. Furthermore we examine how the competition in the mar—
ket affects the trade credit’ s parameters and the supply chain’ s performances and the results show that the
trade credit contract is able to coordinate the supply chain in the middle competition market.

Key words: trade credit; adverse selection; supply chain; information asymmetry



