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Table 2 Empirical performance of size and power for drift function test
r=1 T=2
K, c, GLR K, c, GLR
AVWNa | 10% 5% 10% 5% |10% 5% 10% 5% 10% 5% |10% 5%
( H,:CKLS )
1/250 7.6 3.0 7.7 3.5 10.2 4.9 8.9 4.2 8.0 4.6 8.9 4.9
1/500 9.3 4.6 8.8 5.1 10.1 4.7 8.7 3.9 7.9 3.9 9.9 4.8
1/1 000 8.4 4.1 7.6 3.2 10.6 4.8 10.6 4.7 8.5 3.6 9.5 4.4
( H,: CKLS H: vy, =4)
1/250 10.2 4.6 13.3 6.3 42.1 27.8 22.3 12.3 25.9 15.8 32.9 15.4
1/500 14.3 7.6 15.9 8.6 50.5 35.6 27.8 16.2 29.0 18.0 43.9 23.2
1/1000 18.6 9.6 17.7 9.8 60.0 41.8 32.2 19.1 32.5 19.8 51.9 27.6
(H,: CKLS H: y,=5)
1/250 16.3 7.1 20.2 10.6  37.2 22.0 35.3 21.3 40.6 27.4  26.0 9.4
1/500 20.6 11.5 24.0 13.6 44.3 29.4 43.3 29.3 46.8 33.6  32.4 14.1
1/1 000  26.7 16.0 26.9 16.4 52.5 32.1 50.9 33.7 53.0 38.5 38.3 16.3
(H,: CKLS H,: 5, =0.8)
1250  27.2  13.5  49.6 27.5 33.4 27.1 746  59.6 77.4 62.6 68.0 56.5
1/500  68.5 50.4 849 71.5 34.7 24.9 99.5 98.5 99.6 98.4 69.8 55.2
1/1 000 78.8 64.8 90.2 80.6 30.3 20.4 100.0  99.8 100.0 99.9 66.1 49.3
(H,: CKLS H: 6§, =1)
1/250 22.7 8.3 40.8 16.8 24.2 21.7 54.1 37.1 50.5 32.2  72.0 67.3
1/500 99.8 98.3 100.0  99.9 59.7 51.6 100.0 100.0 100.0 100.0 92.7 87.7
1/1000 100.0 100.0 100.0 100.0 58.0 44.6 100.0 100.0 100.0 100.0 92.1 83.0
3.2 SHIBOR
( Shanghai interbank of—
fered rate SHIBOR) . SHIBOR
(O/N) .1 (IW) .2 (2W) 1
(1M) 2007 1
1 2013 5 17
1 592 1
1 O/N  SHIBOR
4.

Fig. 1 Historical trends of O/N SHIBOR
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Table 3 Estimation and testing results for SHIBOR
K te ® t, J P, GLR Per K, C,
0/N 26.76 % 7.88 [2.36%** | 25.06 | 0.09 | 0.77 |191.58*** | 0.008 1.76 1.23"
W 25.167% 9.25 |2.99*** | 26.21 | 0.07 | 0.78 | 162.98" 0.056 |3.177%* |5.78**
2W 34.53%* | 11.14 [3.36™* | 35.06 | 0.17 | 0.68 | 335.65 0.054 |2.867* |3.427%*
M 7.35 %% 7.10 [3.63** | 18.27 | 0.11 | 0.74 | 188.06** | 0.036 0.91 0.21
ok ek 1% 5% 10% .
@ GMM CE(Y, /A -k(p-X)) =0 1 X, X?
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Martingale-transformation-based specification test for drift function of inter—
est rate model

CHEN Qiang' ZHENG Xu' XU Xiu’

1. Antai College of Economics & Management Shanghai Jiaotong University Shanghai 200052 China;
2. Wang Yanan Institute for Studies in Economics Xiamen University Xiamen 361005 China

Abstract: Based on Khmaladze martingale transformation technology two new tests for drift functions of inter—
est rate models are constructed by the marked empirical processes. The asymptotic property of the tests and
their calculation methods are also provided. The test statistics do not need to know the information about the
diffusion function of interest models and they do not depend on an asymptotic distribution even for the compos—
ite null hypothesis. Monte Carlo simulations show that the tests have a reasonable size and power performance.

The tests are also in effect when applied to analyzing the characteristics of short-term interest rates in China.

Key words: martingale transformation; interest rate model; specification test; Monte Carlo simulation; empir—

ical analysis
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