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Fig. 2 Comparison of the goodness — of — fit of different models ( RW as a benchmark)
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Fig. 3 Comparison of the forecasting performance of different models ( RW as a benchmark)
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Table 2 Estimate results of the RR-MIDAS model

i SHIBOR i Ji Bond MO CPI P
Hi Qp 0
ap, 8, B 6 Yh o) A 0 O o)

1 0.58 ***| 0.83 ***| -9.57 0.09 -9.34 -0.02 * |-0.85| 0.01 -6.32| -0.00 5.35
2 -0.13 1.03 *** -1.04 -0.04 5.64 -0.01 -0.05| 0.08 -0.09 | -0.01 7.74
3 -0.32 1.00 *** -7.19 -0.11 1.89 -0.05 " |-0.20| 0.09 -7.421 0.05 **|2.60
4 -0.42 1.41 ** -2.17 * | -0.43 * |0.39 -0.00 5.06 | -0.16 -0.15| -0.00 -0.83
5 -0.12 0.96 ***| -0.55 ***| -0.17 1.00 -0.02 “ | 1.54 | 0.05 -5.89 | 0.04 **|0.40
6 1.24 **|0.22 " | 1.09 -1.16 -0.46 0.05 0.23 | -0.12 1.26 0.11  * | 1.13
7 0.07 0.86 ***| -1.76 0.04 7.85 -0.03 ***| 1.93 | -0.06 -0.06 | 0.07 ***0.91
8 0.03 0.89 ***| -1.03 -0.15 " |-1.03 -0.01 3.25 | 0.04 -0.61| 0.02 -5.45
9 -0.38 * | 1.15 ***| -1.29 -0.08 -5.54 -0.02 **|2.08 | -0.10 **| -1.04 | 0.04 **|{-0.09
10 —1.207%* 1.33 ***| -0.52 ***| 0.14 1.75 -0.00 9.99 | -0.13 **| 5.20 0.10  ***| 1.77

; 11 0.40 **| 0.87 ***| -1.49 0.19 0.35 0.03 0.24 | -0.20 **| -0.32| 0.01 4.56

1
12 0.03 0.94 ***| -6.36 0.27 0.20 0.00 7.96 | -0.07 * 1.05 0.03 -9.75
13 0.32 ***| 0.89 ***| -1.36 -0.04 8.75 0.02 " 10.34|-0.09 “ | -0.16 | -0.01 6.06
14 0.29 ***| 0.92 ***| -7.92 -0.39 **1-0.32 " | -0.01 " |-1.50] 0.06 * | -0.05| -0.02 *** 6.17
15 0.34 0.85 ***| -2.43 0.72 1.12 0.03 **14.23 | -0.79 -7.93 | -0.00 3.50
16 0.21 0.93 ***| —0.64 ***| 0.31 " |2.10 0.00 6.54 | 0.11 ™| -1.07| -0.04 ™ |0.18
17 -0.18 1.08 | -1.18 0.01 -5.72 -0.00 1.10 | -0.00 -5.70 | 0.00 3.33
18 0.94 ***| 0.52 *** 1.97 0.43  **|8.37 0.04 **12.17 | -0.04 0.79 -0.01 3.74
19 -0.13 1.03 % -9.38 -0.01 6.73 0.01 " |7.38 | 0.00 2.46 -0.00 0.09
20 0.80 ***| 0.79 ***| -0.96 **| 0.13 7.88 0.10 ***-0.01| 0.02 3.08 -0.11 *** 0.55
21 0.67 “ | 0.55 **| 0.49 **| 0.17 8.12 0.01 7.69 | -0.01 -1.23| 0.03 -9.66
22 -0.04 1.07 ** -0.39 ***| 0.12 -1.53 -0.00 4.43 | -0.05 -0.03 | -0.00 1.69
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Fig. 4 Estimated coefficients of SHIBOR lags across different periods
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Fig. 5 Estimated coefficients of Bond lags across different periods
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Fig. 6 Comparison of the goodness-offit of different models ( substituting overnight SHIBOR with 7-day SHIBOR)
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Fig. 7 Comparison of the forecasting performance of different models ( substituting overnight SHIBOR with 7-day SHIBOR)
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Fig. 8 Comparison of the goodness-ofit of different models ( substituting MO with M1)

9 BEBFRIMFNBER LB (M1 Ei% MO)

Fig. 9 Comparison of the forecasting performance of different models ( substituting MO with M1)

10 BHREFERNIEBERLE( M2 B MO)
Fig. 10 Comparison of the goodness-offit of different models ( substituting MO with M2)
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Fig. 11 Comparison of the forecasting performance of different models ( substituting MO with M2)
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B 12 EREEARMUSBRILE(PPIER CPI)
Fig. 12 Comparison of the goodness-offit of different models ( substituting CPI with PPI)

B 13 EEREERIMMBR LB PP ER CPI)

Fig. 13 Comparison of the forecasting performance of different models ( substituting CPI with PPI)
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Fig. 14 Comparison of the goodness-offit of different models ( substituting IP with Trade)
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Fig. 15 Comparison of the forecasting performance of different models ( substituting IP with Trade)
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Predicting market interest rates via reverse restricted MIDAS model

XU Qi+a'?, ZHUO Xing=uan', JIANG Cuiia"

1. School of Management, Hefei University of Technology, Hefei 230009, China;

2. Key Laboratory of Process Optimization and Intelligent Decision-making, Ministry of Education, Hefei
230009, China

Abstract: In order to accurately predict market interest rates, a novel Reverse Restricted MIDAS ( RR-MI-
DAS) model is developed on the basis of the MIDAS and RU-MIDAS models. The RR-MIDAS model can be
applied to the prediction of high frequency variables using low frequency variables when the frequency mis—
match is pretty large. SHIBOR is used as a representative of market interest rates, and an empirical analysis of
SHIBOR forecasts is conducted. The empirical results show that the RR-MIDAS model outperforms the others
in terms of goodness of fit and prediction ability since it is able to explore the dynamic relationships among var—
iables. The results show that both macroeconomic variables and the capital market information could influence
the money supply and demand in one week, or even one day, and will quickly lead to a change of SHIBOR.

Moreover, robustness tests are implemented to illustrate the efficacy of the RR-MIDAS model and the reliabili—
ty of the empirical conclusions.

Key words: market interest rates; mixed frequency data analysis; MIDAS; RU-MIDAS; RR-MIDAS



