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Optimal pricing mode for various brands within product category
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Abgract : The purpose of thispaper isto noded the optimal pricing problem in the following bus ness practices: one
firm produces various brands which belong to one product category. We pose an optima pricing nodd for brands ber
long ng to one product category , characterizing the conplex interactions anong price , sdes wlume, and cog per
nit , and the resulting sophidicated irfluence on afirm' sprdfit. Then, we goply a nemMy introduced neural network
nodeling technique to edablish a neurd network nmodd needed by the solution of the optima pricing modd . In adt
dition , we evauate the performance of the neura network algprithm, and give an exerimenta exanple to show the
wonderful performance of it. Furthernore, we illudrate an exanple of pricing for three brands, build its optimal
pricing mode , and derive its optima lution usng the neurd network a gorithm.
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Risk-reward modd o on-line leasing problem and its competitive analysis
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Abgract : An important factor that dfects the daily invegment decigon isthe risk. This paper introduced the risk
oconcept into the online leasng problem, built the riskereward nodel and analyzed the online leasng problem with
interes and without interes in this risk-reward nodd. Traditiond competitive andyd's reflects the rdative perfor-
mance of online agprithm to benchmark agorithm (usually the offline optimal algorithm) . But this gpproach is too
irflexible and negects some usful irformation the online player may have. Different from this method , the invegor
can control hisown undertaken risk and choose the optima online leasng srategy acoording to hisown risk tolerance
and forecad in the rigereward nodd .

Key words: leasng; orrline dgorithm; competitive analyss; riskreward nodel



