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Fig. 1 Modeling of futures-weighted oil price multi-step prediction method based on PMRS
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Table 2 PMRS parameters for spot price prediction
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Table 3 PMRS parameters for futures price prediction
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Table 4 Parameters of futures-weighted oil price

multi-step prediction method based on PMRS
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Table 5 Comparison of forecasting results of different
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Futures-weighted oil price multi-step prediction approach based on PMRS

LIANG Qiang"*, FAN Ying', WEI Yi-ming'

1. Center for Energy & Environmental Policy, Institute of Policy and Management, Chinese Academy of Sci-
ences, Beijing 100080, China;

2. Graduate School of the Chinese Academy of Sciences, Beijing 100080, China

Abstract: In this paper, a futures-weighted short-term oil price prediction approach based on PMRS is pro-
posed. Empirical study on the spot and futures price of WTI, regular gasoline and heating oil is conducted.
The comparison between the new approach and the naive forecast model as well as the PMRS model indicates
that the futures-weighted oil price multi-step prediction approach based on PMRS performs much better for
short-term oil price prediction.
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