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Sam pling strategies for diffusion of new products with network externality

HUANG Wei~qiang, ZHUANG X mn-tian, YAO Shuang
School of Business Adm nistration Northeastern Un iversity Shenyang 110004 Chmna

Abstracts A fim often uses sanp ling strategy to ncrease the size and the speed of product diffusion. The se-

lection of optin ized sam pling targets depends on consumer behaviors and interacton structure beween tham.
( 4 )
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Behavioral operations managanent: An amerging research field

LIU Zuo-i, ZHA Yong®
1 NatonalN atural Science Foundation of Chng Beijng 100085, China
2 University of Science and Technology of China H efei 230026 China

Abstract In most of the operatbns such as manu facturing and services supply chan and product research
and devebpment people is one of the most mportant parts of the operating system. Human behavior may
greatly affect operating systan and react to managen ent measures On the basis of pror literaturg research
paradign of traditbnal operationsm anaganent is summarized The defnition of behavioral operationsm anage-
ment is proposed and the canbinaton beween operatbns management and behavor research is nvestgated
and research parad gn of behavioral operations managen ent is suggested as well Researches focusing on the
influence of hun an behavibrwhere human expermentw as recommended as a research method & analyzed and
basic idea of future research on behavioral operations m anagen ent is advanced

Key words operatbns managem ent behav bral research; behavbraloperatbns assumptbns human

experm ent

( 63 )

In this paper we study whether fims can leam he optim ized sanpling targets tak ng the scale-free consum er
nework structure into account if only aggregate sales data and sanpling budget are available Our agent
based sinulatbn results demnonstrate allow ing for positve externality and hanogenous consun ers the optr
m ized sanpling strategy has a superior diffisbn effect than randan sam plng strategy w hen the critical adoptbn
threshold lies anong certain nterval In this situation netork average degree has a positive relationsh p w ith
diffusion speed while network heterogeneity has no rehtonship with product difuson For heterogeneous
consumers fims can leam the optin ized sanpling strategy which leads to a successful product diffuson.
W hen negative aswell as positive externalities are present te optin ized samp ling strategy has no difference
with randan strategy In all he aforesaid simatons the average degree of optm ized samp lng targets is lager
than the network average degree while the average clustering coefficient of he tagets approximates that of the
netvork

Key words new products diffusion newoik extemality opti ized sanplng scale-free nework



