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Table 1 D escriptive statistics br daily remms of two stock indices
FB
SH SE 0. 000 443 4 0. 015 087 - 0002 15 53671 657 3228 82"
SZSE 0. 000 293 4 0. 016 503 Q0 066 01 4 957 577 2 468 72
perrty 1% ; FB JarqueBena
1 , LjungB ox
( 0, FB ;
n = }\0+ }\1rt—l+8t (17)
( leptokurtic and fat tailed). s M » & 2
52 (&) (€) (€] LjungBox :
1) 30
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Table 2 Volatility effect tests for conditional h ghermoments oftwo stock indices

LjungBox (30)-€?

L jung-Box (30) -€}

LjungBox (30)-¢

SH SE 360 884 0 (0. 0000)

59,4772 (0 001 1)

48 449 9 (0. 0179)

SZSE

679 187 5 (0. 000 0)

66.807 8 (0 000 1)

114 664 1 (0. 000 0)
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Table 3 Estination results for GJRSK-M m odel
SH SE
Ay -0 0012(-740)
A 0 (37 3 (6 68)
a, 45510 (6 63)
a, - 0 000 101 (- 0 56)
a 0 000 089 (6 13)
By 0 000 007 (36 19)
B, 0 076 9 (33 31)
B, 0891 (3517)
B, 0 069 1 (14 70)
Yo 0 046 7 (9 55)
Y, 00111(517)
Y, 0 6029 (35 01)
v 0 050 2 (12 03)
8y 1 095 4 (33 68)
8, 0 0356 (24 77)
8, 0 463 5 (40 57)
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Table 4 Canparison between out ofsam ple forecast for conditional higherm om ents of SH SE
MAE M SE MAPE
GARCH SK-M Q0 000 349 0. 000 000 122 Q 966 501
G JRSK-M Q0 000267 0. 000 000 071 0 831 861
NAGARCH SKM Q0 000273 0. 000 000 075 Q0 896 984
GARCH SK-M L 122378 1. 259 733 L 007 854
GJRSK-M Q0 907 850 0. 824 191 1 002413
NAGARCH SKM 0 964 651 0. 930 552 1 005 985
GARCH SK-M 2 466 096 6. 081 630 2 575870
GJRSK-M 2 303 968 5. 308 269 Q0 983 957
NAGARCH SK-M 2 379 966 5. 664 237 1 690 589
( ) ;
5
Table 5 Com parison between outofsanple forecast for conditional higherm an ents of SZSE
MAE M SE MAPE
GARCH SK-M Q0 000 381 0. 000 000 145 Q0 815814
G JRSK-M Q0 000 325 0. 000 000 106 Q 800 005
NAGARCH SKM Q0 000 352 0. 000 000 124 Q0 808 944
GARCH SK-M 1 017619 1. 035 48 1 010904
GJRSK-M 1 016 002 1. 032 260 0 996 501
NAGARCH SKM 1 028 291 1. 057 382 1 005 667
GARCH SK-M 2 643091 6. 344 475 1 607 755
GIRSK-M 2483 606 6168 297 1 476 078
NAGARCH SKM 2 518 824 6. 985 R29 1 487671
( ) ;
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Autoregressive conditional volatility-skewness-kurtosis A new m odel

WANG Peng, WANG Jan-qiong, WEI Yu
School of E conam ics& M anagan ent Sou tw est Jiaotong Un versity Chengdu 610031, China

Abstract This paper poposes a new autoregressive conditbnal volatility-skew ness-kurtosis model GJRSK-M
model Setting techniques about G JRSKM model are discussed such as model identification confim ing
model’ step model estim ation We use thismodel to study the highermanents volatility characteristics of
China stock market and use outsample-forecast technique to canpare the forecast ability between GJRSK-M
model and the other existng models Research resulis show that pst like conditbnal volatility cond itional
skevness and cond itbnal kurtosis also have volatility persistence and leverage effect G JRSKM model per
fom s the best n tems of all forecast ability metrcs Fnally we propose the idea of using highermaments
volatility models to manage fnancial risk

Key words conditbnal volatility-skew ness-kurtosis GJRSK-M model volatility forecast risk managen ent



