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Empirical research on specification of interest risk price under fran ew ork of
affine DTSM

ZHENG Zhen-long', KE Hong’, MO Tian-yu'
1 Departent of F nance Xianen University X ianen 361003 Chna
2 FistCapital Security Canpany Shenzhen 518028, China

Abstract There exsts four prinary specifications of interest risk price under the fran evork of affine DTSM:

Canpletely affnemodel( CAM ), essentially affnemodel( EAM ), extended affne model( EXAM), sen raf
fineM odel(SAM ). Ithas been proved both in theory and empirical studies hatEAM is superior to CAM, and
thatEXAM  and SAM | are both superior to EAM. . But no  theoretical evidence and few enpirical studies could
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help to detem ne a bettermodel betveen sem raffnemodel and extended affnemodel So this paper does an
emp irical canparison on SAM EXAM and EAM based on the three-factors CIR model and estimation m ethod
ofkalm an fililer The empirical results suggest that EXAM is the best specification of nterest risk price How-
ever the robust test suggests hat EXAM is not perfect enough to capture all the nformation n the tem stuc-

ture of interest rate
Key words mterest rate affne DTSM; maiket price of nterest risk extended affinemode] sem raffine m odel
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Loan pricing model based on stochastic production function and application

SUI Cong, CHI Guo-tat
School of M anagement D alian U niversity of Technology, Dalian 116024, Chna

Abstract This paper establishes the fomula of ban pricingw ith estmated valie of paran eters n the stochas
tic production functbn At he same ting it confims the ban rate when the technical efficiency is optimal
and fxes the ban pricing model based on stochastic productbn finctbn. The feaures and innovatons of this
model are Fistly thismodel ascertains the loan rate of new loan on the pran ise that the technical effic ency
is optin al based on the stochastic production functon and ensures the optinal technical efficiency of loan prr
cing and deals with the con trad ictory problan that the loan pricng not only overhys the cost and risk but also
is accepted by clents which povides a new dea to loan pricng Secondly through the ban pricng fomula
based on stochastic poductbn functbn the ban rate of optinal technical efficiency can be fiked and the
method that the output is fiked n the stochastic production function can be provided when the technical effr
ciency is optmal So thismodel expands the use of the stochastic production functon to fix the outputs when
the technical efficiency & assessed by this fincton. Thirdly canbned with stochastic frontey the loan prr
cingmodel is established based on the stochastic productbn function We retrieve all the documentation in
China Joumal Full-text Database and E lsever etc, and find that it is the first loan pricng model to ensure
the optin al technical efficiency of loan pricing

Key words loan pricing stochastic production functbr techn cal efficency; stochastic frontier analysis
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