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Fig. 1 Schematic diagrams of transit route
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Table 1 The OWA operator weights generated by maximum entropy approach

orness 0 0.1 0.2 0.3 0.4 0.5 0.6 0.7 0.8 0.9 1

w; 0.000 | 0.000 | 0.082 | 0.154 | 0.238 | 0.333 | 0.438 | 0.554 | 0.682 | 0.800 | 1.000

Wy 0.000 | 0.200 | 0.236 | 0.292 | 0.323 | 0.333 | 0.323 | 0.292 | 0.236 | 0.200 | 0.000

w3 1.000 | 0.800 | 0.682 | 0.554 | 0.438 | 0.333 | 0.238 | 0.154 | 0.082 | 0.000 | 0.000
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Fig. 2 The variation of the maximum entropy OWA operator
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Table 2 The error analysis of the different models

( orness )

0 0.1 0.2 0.3 0.4 0.5 0.6 0.7 0.8 0.9 1.0

0.235 | 0.223 | 0.203 | 0.143 | 0.096 | 0.042 | 0.026 | 0.077 | 0.140 | 0.223 | 0.202
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Effect of contextual factors of online retailing on customer patronage intentions

CUI Nan' CUI Qing-an> WANG Tao'
1. School of Economics and Management Wuhan University Wuhan 430072 China;
2. Institute of Management Engineering Zhengzhou University Zhengzhou 450001 China

Abstract: As an emerging retailing channel Internet plays a more and more important role in retailing indus—
try. With the intensifying competition in online retailing retailers lay more emphasis on the effect of the con-
textual factors of online stores on customer patronage. Based on self-determination theory this article investi—
gates how product-relevant and market-relevant contextual factors of online retailing affect customers’ need for
autonomy and relatedness and in turn customer patronage intention; the article also proposes two internaliza—
tion mechanisms of the effect of contextual factors on customer patronage intentions i.e. perceived control
and perceived interest. The findings enhance our knowledge of online retailing contextual effects and provide
companies with a new perspective to design online retailing contextual factors.

Key words: online retailing contextual factors; need for autonomy; need for relatedness; perceived control;

perceived interest
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Transit route OD estimation based on ordered weighted averaging operator

PENG Jian XU Meng GAO Ziyou
School of Traffic and Transportation Beijing Jiaotong University Beijing 100044 China

Abstract: Public transit OD matrix is the basis of transport network planning and management while the OD
matrix of transit routes is the basic unit of the whole OD matrix. Based on the existed models of estimating
transit route OD matrix the characteristics of the bus passengers’ behavior the Markov chain properties of
the bus travel and the weight coefficients between the buses stations are analyzed and a new model for obtai—
ning transit route OD matrix is proposed by adopting the ordered weighted averaging operator. The weight coef—
ficients and the weighted OD matrix under different levels of subjective decision making factors are also ana—
lyzed. Case study shows that the novel estimated OD matrix is more accurate than traditional estimated OD ma-
trices under appropriate methods of determining the weights.

Key words: transit route; transit OD matrix; ordered weighted averaging ( OWA) operator



