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Table 1 T Risk premiums analysis based on the conditional CAPM
Panel A Reversal
Ao Agu Awf ARher X test
4sGLS Regression
RY 0.0155 0.111 4 —-1.9857 —113.807 7 13 710 **
R 0. 000 1 -0. 000 6 -0.030 4 -0.028 3 34,506 77
R« rev 0. 000 07 ** 0.000 1 -0.004 8 0.546 0** 39.921 47
45GLS Regression
R 0.015 0.110 7 -1.7855 —111.897 9** 14 849 ***
R -0.000 1 -0.000 5 -0.065 8 0.044 5 44,515 %
R« rev 0 -0.000 03 -0.004 9 0.530 3** 84. 001 ***
Panel B Turnover
Ao Agm Ay Afurm X test
4sGLS Regression
R 0.010 3 0.087 7 -4.564 2 13.498 4° 9 915. 06 ***
R 0.000 1 -0.000 9 -0. 067 0.082 6 38. 107"
R« turn -0.000 3" -0.000 8 -0.0152 0.304 3** 52.602 5%
4sGLS Regression
R 0.007 6 0.082 0 -4.591 4 14.427 9" 11 674
R 0.000 2" -0. 000 6 -0.0813 0.037 2 42.893 3**
R« turn -0.000 2" -0.000 3 0.0259 0.228 7*** 118. 886 ***
Panel C Momentum
Ao Agu Awf A Rfmom X test
4sGLS Regression
R 0.013 1 0.126 8 -0.958 8 22.659 6 12 808 ***
R -0. 000 4 -0.000 5 0. 006 4 -0.3650 33.595 6
R« mom -0.000 1 -0. 000 04 0. 006 8 0.119 6 52.506 5**
45GLS Regression
R 0.010 7 0.1227 0. 667 0 25.639 4 13 893 ***
R 0. 000 1 -0. 000 4 -0.047 9 -0.340 4 43,503
R« mom ~0. 000 01 0. 000 3 0. 008 7 0.0230 103. 876 ***
e e E 1% 5% 10%
2
(OLS GLS)
X, = (Ac, R\ R « reveral))
X, = (Ac, R R« turnover,) 25
X, = (Ac, Rl R, * momentum,) (26)
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Table 2 Risk premiums analysis based on the consumption-based CAPM
Panel A Reversal
‘ Ao Age, Ay ARfres X test
4sOLS Regression
Ac, -0.066 8 0.473 5 1.6913 142. 868 5 16.619 2
R -0.000 3 0.002 8 0.044 1 1.143 8 18.121 3
R+ rev -0.000 1 0. 000 7 0.004 2 0. 829 *** 47. 764 %
4sGLS Regression
Ac, -0.009 3 0.028 6 -3.408 9 -50.900 4 42.138 6™
R 0. 000 09 0.000 2 -0.044 5 0.261 8 47. 255 %%
R« rev —-0.000 01 0. 000 05 -0.002 9 0.587 6™** 84.903 47
Panel B Turnover
Ao AAz-, Ay Alq;,,,, X2 test
4s0OLS Regression
Ac, -0.061 6 0.161 5 -3.506 1 13.914 3 13.936 4
R -0.000 1 0. 000 6 0.015 0.051 4 33.318 4
R+ turn 0. 000 02 -0.002 —0.066 2 0.232 5% 176. 228 77***
4sGLS Regression
Ac, -0.012 -0.024 8 1.050 9 -6.692 8 45.971 37
R 0. 000 09 -0.000 01 -0.033 3 0. 0239 43.980 5***
R« urn -0. 000 07 -0.001 3 -0.0156 0.193 3™ | 215.961 9***
Panel C Momentum
Ao Ay, As ARfm X’ test
4sOLS Regression
Ac, 0.0131 0.126 8 -0.958 8 22.659 6 12 808 ***
R —-0.000 4 -0.000 5 0. 006 4 -0.3650 33.595 6
R« mom —-0.000 1 —-0. 000 04 0. 006 8 0.119 6 52.506 5**
4sGLS Regression
Ac, 0.010 7 0.1227 0.667 0 25.639 4 13 893 ***
R 0. 000 1 -0.000 4 -0.0479 -0.340 4 43.503"
R+ mom —0.000 01 0.000 3 0.008 7 0.0230 103. 876 ***
2
( reveral,)
( turnover,)
25
(GLS) 2
( reveral,)
( turnover,)
1%
( fundamental
( reveral,) factor) .
( turnover,) (Ac,)
( Apren (reveral,) (
Agfeturn) - 1 ( turnover,) .
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LL
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Table 3 Risk premiums analysis based on the Lettau and Ludvigson conditional model
Ao Agm Ags ARfecay X test
Panel A Fama—French 25
450LS Regression
R 0.290 8 ~0.534 2% -49.376 5 48.840 9 63.687 7***
R -0.062 8** -0.009 9 3.556 -3.307 6 52. 643 ***
R+ cay -0.067 3** -0.011 3.8612 -3.5953 51.260 2***
4sGLS Regression
R 0.104 5 -0.465 1** -45.781 6** 45.502 4™* 108. 742 ***
R -0.015 6** ~0.024 4** -1.6653 1.682 6 141,26
R+ cay -0.017 6** -0.026 0** -1.5958 1.621 1 142.5***
Panel B 30
4s0OLS Regression
R 0.325 1 -0.3383 -47.799 8 46.392 1 70. 874 37
R -0.028 5 -0.003 7 5.889 9 -5.8303** 28.527 8
R« cay -0.032 4 -0.004 9 6.243 5** -6.170 9** 28.8159
4sGLS Regression
R 0.255 4** -0.267 8 -57.105 2** 54.966 3 ** 99. 874 ***
R -0.020 6** -0.008 2 2.3979 -2.407 5 99.26***
R« cay -0.023** -0.009 3 2.584 4 -2.586 3 101. 94
Panel C Fama-French 25
450LS Regression
R 0.290 8 ~0.534 2% -49.376 5 48.840 9 63.687 7***
R -0.062 8** -0.009 9 3.556 -3.307 6 52,643 %
R+ cay -0.067 3** -0.011 3.8612 -3.5953 51.260 2***
4sGLS Regression
R 0.104 5 -0.465 1** -45.781 6** 45.502 4™* 108. 741 8***
R -0.015 6** ~0.024 4** -1.6653 1.682 6 141.261 4***
R+ cay -0.017 6** -0.026** -1.5958 1.621 1 142,518 ***
Panel D
450LS Regression
R 0.075 4 -0.581 6 -19.528 6 16.025 3 18.940 8 ***
R 0.000 8 -0.007 2 1.9758 -1.956 1** 9.355 5
R« cay 0.000 6 -0.005 2.272 1% -2.239 6** 8.312 4
4sGLS Regression
R 0.073 5** -0.562 1 1.780 3 -3.578 1 29.768 1***
R 0.000 9 -0.004 7 1.361 -1.388 4 12.654 2
R« cay 0.000 8 -0.003 3 1.5218 -1.550 6 13.103 4
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Table 4 Risk premiums analysis based on the Lustig and Van Nieuwerburgh conditional model
Ao Age Ags ARfemymo X test
Panel A Fama-French 25
4sOLS Regression
Ac 0.122 2** 0.3385 -0.129 1 0.159 9 34.435 8
i -0.043 5** 0.162 1 0.194 1 -0.162 17.526
R+ mymo -0.033** 0.167 4 0.130 3 -0.084 4 14.894 1
4sGLS Regression
Ac 0.082** 0.152 1 0.204 -0.177 6 107.989 ***
i -0.028** 0.0812 0.1154 -0.113 8 47.333 %%
R * mymo -0.017 8** 0.067 8 0.1153 -0.117 8 51.371 %%
Panel B 30
450LS Regression
Ac 0.0434 -0.4173 -0.4029 0.2855 30.399 9
R ~0.056 3** 0.1557 -0.253 0.168 19.539 5
R+ mymo -0.051 7** 0.068 -0.159 4 0.132 20.987 7
4sGLS Regression
Ac 0.028 2** -0.139 6 -0.386 1 0.4179 65. 663 ***
Iid -0.025 6** 0.022 4 -0.087 5 0.015 4 58.362***
R« mymo -0.022** 0.005 3 -0.063 8 0.022 6 88.494 7
Panel C Fama-French 25
450LS Regression
Ac 0.1222%* 0.3385 -0.129 1 0.159 9 34.435 8
i -0.043 5** 0.162 1 0.194 1 -0.162 17.526
R« mymo -0.033** 0.167 4 0.130 3 -0.084 4 14.894 1
4sGLS Regression
Ac 0.082** 0.1521 0.204 -0.1776 107.989 ***
i -0.028** 0.0812 0.115 4 -0.113 8 47.333 %%
R« mymo -0.017 8** 0.067 8 0.1153 -0.117 8 51.371 %%
Panel D
450LS Regression
Ac -0.000 4 -0.305 2 0.05 -0.019 4 4.796
R -0.000 3 0.055 5 -0.113 9 0.1237 38.656 3%+
R mymo 0.000 3 0.009 1 -0.078 0.030 1 20.029 9***
45GLS Regression
Ac -0.007 4 -0.13 -0.0219 1.273 1 10.498 3
R -0.000 1 0.061 5 -0.099 3 0.056 6 96.514***
R+ mymo 0.000 3 0.032 7 -0.093 2 0.037 17.901 4™*
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5 Piazzesi-Schneider-Tuzel -

Table 5 Risk premiums analysis based on the Piazzesi-Schneider-Tuzel conditional model

Ao Ay Ap/ Aplea X test
Panel A Fama-French 25
450LS Regression
Ac 0.077 1 0.0327 -4.706 5 5.8912 35.501 8
R -0.080 5** 0.305 8 -4.669 8 6.1353 13.021 1
R -« -0.061 7** 0.238 -3.532 1 4.6439 13.134 9
4sGLS Regression
Ac 0.068 5** 0.055 4 4.879 -6.205 5 126.706 ***
R -0.023 5** 0.096 3 2.0777 -2.6017 29.7112
R o -0.018 4** 0.075 1 1.5752 -1.9713 30.165 7
Panel B 30
450LS Regression
Ac 0.140 9** -0.1279 4.428 -6.100 1 20.647 7
R -0.071 5** 0.150 8 -4.322 5.425 4 46.202 7**
R -« -0.055 6 0.117 7 -3.3772 4.238 5 46.792 1**
4sGLS Regression
Ac 0.035 2** -0.051 4 1.194 2 -1.703 1 91.511 2
K -0.029 9** 0.034 1 -5.618** 7.109 77 | 54.094 7***
R -« -0.023 3** 0.026 2 —4.358** 5.514 6** | 54.951 7***
Panel C Fama-French 25
4s0LS Regression
Ac 0.077 1 0.0327 -4.706 5 5.8912 35.501 8
R ~0.080 5** 0.305 8 -4.669 8 6.1353 13.021 1
R -a -0.061 7** 0.238 -3.53211 4.643 9 13.134 9
4sGLS Regression
Ac 0.068 5** 0.055 4 4.879 -6.2055 126.706 ***
R -0.023 5** 0.096 3 2.0777 -2.6017 29.711 2
R o -0.018 4** 0.075 1 1.5752 -1.9713 30.165 7
Panel D
4s0LS Regression
Ac 0.002 1 -0.593 4 23.409 2 -30.141 2.9332
Iid -0.000 7 0.095 7 -4.5025 5.787 1 19.080 9 ***
R+ -0.000 6 0.073 6 -3.288 1 4.224 22.166 2%
4sGLS Regression
Ac -0.007 3 -0.1292 1.268 3 -0.678 10.443 5
R 0.000 2 0.059 2 -3.0213 3.763 8 14.207 1**
R - a 0.000 2 0.047 -2.2312 2.778 7 17.328 8**
30
A, ( Piazzesi Schneider
A, Tuzel)
( Santos Veronesi)
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6 Santos—Veronesi -

Table 6 Risk premiums analysis based on the Santos and Veronesi conditional model

Ao Ay A Agftabor X test
Panel A Fama—French 25
450LS Regression
Ac 0.114 -0.307 6 4.244 7 -4.55717 26.395 1
R -0.074 7% -0.037 3 5.2559 -5.356 8.760 5
R+ labor -0.073** -0.033 8 5.286 -5.3854 8.809 5
4sGLS Regression
Ac 0.077** -0.049 4 32.599 2 -33.202 1 110. 578 ***
R -0.025 5™ 0.034 11.019 3 —11.205 1 31.728 2
R labor -0.025** 0.033 8 10.794 3 -10.976 3 31.798 2
Panel B 30
4s0LS Regression
Ac 0.139 8** -0.0925 -19.374 6 19.354 6 22.7256
R -0.076** 0.137 8 -17.234 4 17.466 8 17.767 8
R labor -0.074** 0.136 3 -17.016 8 17.245 9 17.786 8
4sGLS Regression
Ac 0.036 4** -0.017 9 -20.087 3 20.303 8 89.102 7***
R -0.029 8** 0.0225 -7.429°8 7.4975 44.574 3**
R+ labor -0.029 1** 0.022 4 -7.314 7.380 2 44,307 **
Panel C Fama-French 25
450LS Regression
Ac 0.114 -0.307 6 4.244 7 -4.55717 26.395 1
R -0.074 7% -0.037 3 5.2559 -5.356 8.760 5
R+ labor -0.073** -0.033 8 5.286 -5.3854 8.809 5
4sGLS Regression
Ac 0.077 1** -0.049 4 32.599 2 -33.202 1 110. 578 ***
R -0.025 5** 0.034 11.019 3 ~11.205 1 31.728 2
R+ labor -0.025 1** 0.033 8 10.794 3 -10.976 3 31.798 2
Panel D
450LS Regression
Ac 0.0021 -0.467 5 36.295 3 -37.110 2 2.201 9
R -0.000 8 0.070 3 3.697 -3.770 8 12.743 7
R * labor -0.000 8 0.068 5 3.314 4 -3.38211 13.685 6**
4sGLS Regression
Ac -0.013 2 -0.144 1 90.593 1 -91.278 7 9.9359
R 0.000 07 0.075 6** -3.439 3.4385 9.970 9
R+ labor 0.000 02 0.073 1** -3.418 8 3.419 7 10.235 7
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Table 7 Risk premiums analysis based on the consumer confidence index conditional CAPM
PanelA CAPM
Ao Agn Ags Ay, conf X2 test
4s0LS Regression
RY 0.013 0.129 3** -38.401 0. 349 14 510
R 0. 000 04 -0.000 5 -0.926 6 0. 008 4 14. 194
Rf°conf -0.004 9 -0.074 5 -121.359" 1.118 8" 13.707 7
4sGLS Regression
R" 0.011 1 0.128 7 -47.695 3 0. 435 15 228 ***
R 0.000 1 -0.000 2 -0.158 5 0. 001 29.548 5
R - conf 0.009 8 -0.053 9 —-22.062 0.1725 33.413 8
Panel B CCAPM
Ao Age, Agy AR oy X test
450LS Regression
Ac, -0.063 4 0.342 4 —88. 009 0. 828 13.973 8
R —-0.000 2 0.002 5 0.306 3 -0.002 6 5.712 4
R - conf -0.019 6 0.1519 -14.669 5 0.167 3 9.349 1
4sGLS Regression
Ac, -0.017 9 0.021 5 37.755 6 -0.346 2 42.701 4
R 0.000 1 0.000 2 0.0810 -0.001 1 31.183 3
R+ conf 0.007 6 -0.006 2 0. 000 2 -0.026 7 33.497 17
7 A,
Panel
A Panel B N
CAPM  CCAPM
X A,
Fama French 1993
BAA  AAA
( Jagannathan
Wang ) .
8 9

diy,
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Table 8 Risk premiums analysis based on the default risk conditional CAPM
Ao Agm Ags Afeay X test
Panel A Fama-French 25 Size and B/M
4s0LS Regression
RY 0.761 9** -0.518 7** 0.3655 0.6313 52.814 7%
R -0.079** -0.046 5** 0.020 1 ~4.3452 16.009 4
R« def 0.008 0.001 1 -0.0153 0.504 2 16.352'5
4sGLS Regression
R 0.168 2** -0.450 7** 1.126 -5.865 4 129.475 4%
R -0.016 1** -0.027 2** 0.056 7 -1.6456 119.244 4%+
R« def 0.001 8** 0.000 2 -0.004 3 0.190 2 123.367 8 ***
Panel B 30
4s0LS Regression
R 1.257 1% 0.054 9 -1.6813 56.219 7 53.144 27
R -0.0395 -0.007 8 -0.1519 0.585 8 33.980 9
R« def 0.011 3** 0.005 -0.025 4 0.863 6 19.645 8
4sGLS Regression
R 0.397 5** -0.1356 -0.8557 32.053 5 127.901 8 ***
Iid -0.018** -0.009 2 -0.097 0.2323 114.907 2%
R« def 0.002 3** 0.001 4 -0.011 1** 0.3025 94.694 7***
Panel C Fama-French 25
4s0LS Regression
RY 0.761 9** -0.518 7** 0.3655 0.6313 52.814 7%
R -0.079** -0.046 5** 0.020 1 -4.3452 16.009 4
R+ def 0.008 0.001 1 -0.0153 0.504 2 16.3525
4sGLS Regression
R 0.168 2** -0.450 7** 1.126 -5.865 4 129. 475 4%
R -0.016 1** -0.027 2** 0.056 7 -1.6456 119.244 4%+
R« def 0.001 8** 0.000 2 -0.004 3 0.190 2 123.367 8 ***
Panel D
4s0LS Regression
RY 0.054 7 -0.483 2 -0.967 3 19.050 2 33.275 4%
Iid 0.001 1 -0.0118 -0.0522 -0.360 6 888. 827 5™
R« def -0.000 2 0.001 9 0.007 3 0.033 3 52.059 9 ***
4sGLS Regression
R 0.059 6 -0.451 -1.5519 52.659 6 31.912 3%
Iid 0.000 7 -0.003 6 -0.080 5** 0.405 4 1169.369 1***
R« def 0.000 04 -0.000 2 0.004 8 -0.2049 69.557 1***
10 11
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Table 9 Risk premiums analysis based on the default risk conditional consumption-hased CAPM

Ao A Agr Apfay X test
Panel A Fama-French 25
4s0LS Regression
Ac 0.148** 0.052 6 -0.044 4 10.708 7 22.584
R -0.076 1** 0.061 8 -0.0136 -1.294 21.475 5
R+ def -0.001 9 -0.028 7** -0.015 1 0.1522 27.065 6
4sGLS Regression
Ac 0.081 7** 0.080 3 0.108 5 7.589 2** 100. 24 ***
R -0.027 1** 0.059 6 0.006 5 -1.694 3 78.370 57"
R« def -0.000 1 -0.01 -0.010 3** 0.091 62.377 1%
Panel B 30
4s0LS Regression
Ac 0.197 2** -0.161 1 -0.295 11.420 2 17.612 9
R -0.065 4** 0.154 8 -0.128 4 -0.5279 30.506 9
R« def -0.002 3 -0.001 1 -0.008 4 0.139 2 58.181 9**
4sGLS Regression
Ac 0.032 4** -0.1052 -0.073 4 6.8577 77.325 6
) -0.028 4 0.02 -0.083 3 -0.477 1 168.080 9 ***
R« def 0.000 8 -0.001 8 -0.005 8 0.063 5 74.925 5***
Panel C Fama—¥rench 25
450LS Regression
Ac 0.148** 0.052 6 -0.044 4 10.708 7 22.584
R -0.076 1** 0.061 8 -0.0136 -1.294 21.475 5
R« def -0.001 9 -0.028 7** -0.015 1 0.1522 27.065 6
4sGLS Regression
Ac 0.081 7** 0.080 3 0.108 5 7.589 2** 100. 24 ***
R -0.0271** 0.059 6 0.006 5 -1.694 3 78.370 57"
R« def -0.000 1 -0.01 -0.010 3** 0.091 62.377 1%
Panel D
4s0LS Regression
Ac -0.001 7 -0.290 5 0.191 2 —10.471 12.368 5%+
R -0.000 2 0.058 2 -0.049 8 -0.347 967.298 8
R« def -0.000 1 0.004 0.009 2 -0.099 8 66.426 2%
4sGLS Regression
Ac -0.008 7 -0.140 6 0.896 9 -19.117 1 11.195 4
R -0.000 1 0.064 6** -0.061 3** -0.344 9 1 058.061 3***
R« def -0.000 1 0.006 7 0.005 6 -0.288 5 68.446 7
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Table 10 Risk premiums analysis based on the dividend yields conditional CAPM
Ao Agy Ags Agfediy X test
Panel A Fama-¥French 25
4sOLS Regression
R 0.354 3 -0.435 2.598 1 -2.904 7 63.473 5**
R -0.182 4 -0.050 8 0.4193 -0.539 4 4.3935
R« diy -0.045 4 -0.006 1 0.217 6 -0.386 1 7.487 4
4sGLS Regression
R 0.151 4** -0.367 5** 1.931 -1.1976 148. 86 ***
R -0.012 4** -0.0227 0.1352 -0.081 137.906 2 ***
R« diy -0.002 1 -0.003 6 0.094 3 -0.159 6 85.688 8 ***
Panel B 30
4s0LS Regression
R -0.137 1 -0.5039 4.578 1 -10.567 7 55.817 47
R -0.190 9** -0.0659 0.3429 -0.572 1 72.113 6™
R+ diy -0.071 4** -0.024 6 0.117 9 -0.180 8 64.552 87"
4sGLS Regression
R 0.296 8** -0.266 1 0.516 4 -2.198 3 133.992 9 ***
R -0.025 1** -0.023 6** 0.0522 -0.268 7 107.962 7***
R+ diy -0.007 6** -0.009 3** 0 ~0.059 5*** 77.770 9
Panel C Fama-French 25
4s0OLS Regression
R 0.354 3 -0.435 2.598 1 -2.904 7 63.473 57
R -0.182 4 -0.050 8 0.4193 -0.539 4 4,393 5
R« diy -0.045 4 -0.006 1 0.217 6 -0.386 1 7.487 4
4sGLS Regression
R 0.151 4** -0.367 5** 1.931 -1.1976 148. 86 ***
i -0.012 4** -0.022 7 0.1352 -0.081 137.906 2 ***
R - diy -0.002 1 -0.003 6 0.094 3 -0.159 6 85.688 8
Panel D
4s0LS Regression
RY 0.142 9% -1.291 5** 1.035 1 -10.859 8 25.164 9***
R 0.001 8 -0.016 6 0.060 6 -0.362 1 148. 522 ***
R+ diy 0.000 6 -0.006 7 0.004 4 -0.026 7 11.194 8™
4sGLS Regression
R 0.087 ** -0.597 9 0.358 3 -7.8625 29.758 3***
R 0.001 2 -0.005 8 0.023 1 -0.324 3% 237.035 4***
R+ diy 0.000 9 -0.007 7 0.018 3 -0.110 3 13.440 6™
4.2.2 NBER.
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Tablel1 Risk premiums analysis based on the dividend yields conditional consumption-based CAPM
Ao Ay Ags ARfeiy X test
Panel A Fama-French 25
450LS Regression
Ac 0. 144 ** -0.139 2 -0.267 3 0.314 4 29.961 4
R ~0.053** 0.238 4 0.23 -0.399 8 30.644 4
R« diy -0.0233 0.1457 0.177 4 -0.374 4 14.842 9
45GLS Regression
Ac 0.076 7** 0.021 4 -0.2555 0.802 2 113.686 7***
R -0.026 3** 0.093 3 0.095 9 -0.168 6 51.512 1%
R - diy ~0.009 4** 0.050 5 0.087 6 -0.2045 34.218 5
Panel B 30
4sOLS Regression
Ac 0.145 5** -0.132 1 -0.4257 0.082 5 20.777 4
Iid -0.074 2** 0.086 9 -0.0399 -0.248 49.229 2**
R - diy -0.028 8** 0.001 8 -0.0385 -0.011 45.6%*
45GLS Regression
Ac 0.038 9** -0.0615 -0.1222 -0.070 4 93.848 3™
iid -0.029 2** 0.005 6 0.009 5 -0.2557 101.413 2%**
R - diy —-0.008 9** -0.018 5 -0.020 5 -0.037 1% 74.635 2%
Panel C Fama-¥rench 25
450LS Regression
Ac 0. 144 ** -0.139 2 -0.2673 0.314 4 29.961 4
R ~0.053** 0.238 4 0.23 -0.399 8 30.644 4
R« diy -0.0233 0.1457 0.177 4 -0.374 4 14.842 9
45GLS Regression
Ac 0.076 7** 0.021 4 -0.2555 0.802 2 113.686 7***
R -0.026 3** 0.093 3 0.095 9 -0.168 6 51.512 17
R2diy -0.009 4** 0.050 5 0.087 6 -0.204 5 34.218 5
Panel D
4sOLS Regression
Ac 0.006 5 -0.477 0.714 3 -3.0279 3.011 4
R -0.000 4 0.067 1 0.042 -0.205 1 204.715 9 ***
R« diy -0.000 5 0.042 4 -0.002 0.061 7 16.779 1**
45GLS Regression
Ac -0.0109 -0.274 4 0.641 8 1.064 6 10.671 3
R 0.000 1 0.073 3** 0.034 8 -0.291 5** 219.729***
R« diy 0.000 1 0.043 2 0.004 1 -0.100 7 12.608 8
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Fig. 1 Condition variables
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A new dynamic cross-sectional evaluation of asset pricing models: Applica—
tion and extension of the evaluation on Chinese Stock Market

conditional models

ZHANG Xiang' SONG Ping” LI Lun-yi'

1. School of Finance Southwestern University of Finance and Economics Chengdu 611130 China;
2. School of Business Administration Southwestern University of Finance and Economics Chengdu

611130 China

Abstract: Most recent conditional asset pricing models are evaluated by the static Fama-MacBeth cross-sec—
tional regressions therefore the time-varying risk cannot be evaluated by constant risk loading and risk premi-
ums. This paper from the economic perspectives applies a brand-new method—The dynamic cross-sectional
regression—"To investigate the performances of conditional asset pricing models: whether the time-varying re—
turns can be explained by the time-varying risk premiums. Theoretically this paper evidences that returns on
assels depend on the linear risk premium function and innovations of the economy. Empirically the paper
tests the conditional asset pricing models’ pricing performances based on Chinese and US stock markets. The
paper finds that the short-term reversal rate and the turnover rate as the conditional variables can help CAPM
and CCAPM to explain several test assets’ time-varying returns. Moreover this paper also tests the classic con—
ditional asset pricing models in explaining different assets’ time-varying returns. The paper finds that the persis—
tent and slow-moving conditional variables can be better candidates for our conditional asset pricing models.

Key words: dynamic cross—sectional regression; conditional asset pricing model; cross-sectional portfolios



